“Examining market volatility arbitrage in cryptocurrencies with the perspective of
Beldex coin trading dynamics in India”

AUTHORS

ARTICLE INFO

DOI
RELEASED ON
RECEIVED ON
ACCEPTED ON

LICENSE

JOURNAL
ISSN PRINT
ISSN ONLINE
PUBLISHER
FOUNDER

34

Jayanthi Namachivayam
Prabhu Sampath
Umamaheswari Durairaj
Harikumaran Muthukumaran

Jayanthi Namachivayam, Prabhu Sampath, Umamaheswari Durairaj and
Harikumaran Muthukumaran (2024). Examining market volatility arbitrage in
cryptocurrencies with the perspective of Beldex coin trading dynamics in India.
Investment Management and Financial Innovations, 21(4), 289-300.
doi:10.21511/imfi.21(4).2024.23

http:/dx.doi.org/10.21511/imfi.21(4).2024.23
Tuesday, 19 November 2024
Tuesday, 04 June 2024

Monday, 04 November 2024

@) ev |
This work is licensed under a Creative Commons Attribution 4.0 International
License

"Investment Management and Financial Innovations"
1810-4967

1812-9358

LLC “Consulting Publishing Company “Business Perspectives”

LLC “Consulting Publishing Company “Business Perspectives”

© The author(s) 2025. This publication is an open access article.

<//~[| BUSINESS
PERSPECTIVES

businessperspectives.org



®®

w2 el

—

BUSINESS PERSPECTIVES

LLC “CPC “Business Perspectives”
Hryhorii Skovoroda lane, 10,
Sumy, 40022, Ukraine

www.businessperspectives.org

Received on: 4 of June, 2024
Accepted on: 4t of November, 2024
Published on: 19t of November, 2024

© Jayanthi Namachivayam, Prabhu
Sampath, Umamaheswari Durairaj,
Harikumaran Muthukumaran, 2024

Jayanthi Namachivayam, Associate
Professor, Faculty of Commerce,
Periyar Maniammai Institute of
Science & Technology (Deemed to be
University), India. (Corresponding
author)

Prabhu Sampath, Assistant Professor,
Faculty of Commerce, Periyar
Maniammai Institute of Science &
Technology (Deemed to be University),
India.

Umamaheswari Durairaj, Professor,
Faculty of Commerce Periyar
Maniammai Institute of Science &
Technology (Deemed to be University),
India.

Harikumaran Muthukumaran,
Research Scholar, Department of
Mathematics, Periyar Maniammai
Institute of Science & Technology
(Deemed to be University), India.

This is an Open Access article,
distributed under the terms of the
Creative Commons Attribution 4.0
International license, which permits
unrestricted re-use, distribution, and
reproduction in any medium, provided
the original work is properly cited.

Contflict of interest statement:
Author(s) reported no conflict of interest

http://dx.doi.org/10.21511/imfi.21(4).2024.23

Investment Management and Financial Innovations, Volume 21, Issue 4, 2024

Jayanthi Namachivayam (India), Prabhu Sampath (India),
Umamaheswari Durairaj (India), Harikumaran Muthukumaran (India)

EXAMINING MARKET
VOLATILITY ARBITRAGE IN
CRYPTOCURRENCIES WITH THE
PERSPECTIVE OF BELDEX COIN
TRADING DYNAMICS IN INDIA

Abstract

Cryptocurrency trading has gained significant adhesion in financial markets, making
it essential to understand the factors influencing trading intentions. This study inves-
tigates the psychological and knowledge-based determinants of trading intentions to-
wards Beldex coins among crypto traders in India. This study aims to evaluate how
risk management, hedonic motivation, investment desire, market knowledge, peer
participation, and earning desires impact trading intentions. A survey was conducted
with 369 crypto traders in India, and multiple regression analysis was employed to
analyze the data. The results indicate that all six factors significantly influence trad-
ing intentions, with risk management (p = 0.342, p < 0.001) and earning desires ( =
0.378, p < 0.001) having the strongest impact on Indian Cryptocurrency market arbi-
trage. The regression model explained 53% of the variance in trading intentions (R* =
0.53). Cryptocurrency market information is analyzed through the CoinGecko tool
that provides charts, market capitalization, and blockchain data; multiple regression
analysis is utilized to test the hypothesized relationships. This study reveals that trad-
ers’ investment decisions in cryptocurrencies are primarily driven by financial motiva-
tions, including potential high returns, diversification, and inflation hedging, as well as
technological factors of decentralized finance, blockchain technology, and digitalized
transactions.

Keywords cryptocurrency, market volatility, Beldex coin, trading,
risk management, hedonic motivation, financial gains
JEL Classification G11, G15, D81

INTRODUCTION

The cryptocurrency market has experienced unparalleled growth and
volatility in recent years, captivating the attention of investors, trad-
ers, and researchers. With its burgeoning fintech landscape, India has
emerged as a significant player in the global market. Beldex Coin, a
prominent cryptocurrency, has acquired interest among Indian trad-
ers due to its potential for high returns and decentralized applications.
Market volatility presents both opportunities and challenges for in-
vestors in the Arbitrage, a strategy exploiting price divergences across
markets. However, the complexities of cryptocurrency markets, cou-
pled with regulatory uncertainties, necessitate a deeper understanding
of market dynamics and arbitrage opportunities. To analyze the vola-
tility characteristics of Beldex Coin and its impact on trading deci-
sions, there is the CoinGecko tool, which considers market capitaliza-
tion and trading dynamics. The crypto market remains overwhelmed
by volatility risks, a lack of understanding about Beldex Coins, and
market information asymmetry. This study also seeks to address the
primary psychological and knowledge-based determinants driving
trading behaviors in the crypto market.
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The cryptocurrency market has witnessed unprecedented growth and volatility in recent years, capti-
vating the attention of investors, traders, and researchers worldwide. India, with its burgeoning fintech
landscape, has emerged as a significant player in the global cryptocurrency market. Beldex Coin, a
prominent cryptocurrency, has garnered considerable interest among Indian traders due to its poten-
tial for high returns and decentralized finance applications. Market volatility assesses both opportuni-
ties and challenges for investors. Arbitrage is a strategy exploiting price discrepancies across markets
and has become increasingly popular among traders seeking to capitalize on volatility. However, the
complexities of cryptocurrency markets, coupled with regulatory uncertainties, necessitate a deeper
understanding of market dynamics and arbitrage opportunities. This study aims to investigate mar-
ket volatility arbitrage on cryptocurrencies, psychological and knowledge-based determinants driving
trading behaviors, with a specific focus on Beldex Coin trading in India. To measure the trading and
re-trading intention in the forex market by examining the relationship between market volatility and
crypto variances, this study seeks to analyze the characteristics and its impact on trading decisions in
Indian cryptocurrency markets. Furthermore investigates the role of market sentiment, liquidity, and
regulatory frameworks for influential trading dynamics. Despite the growing popularity of cryptocur-
rency trading in India, the market remains plagued by volatility risks, arbitrage opportunities, a lack of

understanding of Beldex Coin and information asymmetry.

1. LITERATURE REVIEW

The field of cryptocurrency research has expanded
significantly in recent years, with numerous stud-
ies investigating the diverse aspects of this dy-
namic market, particularly the factors driving its
volatility and the regulatory measures necessary
for its effective governance. This review synthesiz-
es current findings from various studies, aiming
to highlight the determinants of cryptocurrency
volatility and identify critical gaps that future re-
search could address. A review of Key Studies on
Cryptocurrency Volatility and Regulation is pre-
sented in the study. Bakas and Magkonis (2022)
conducted a comprehensive empirical analysis
using a dynamic Bayesian model averaging ap-
proach to identify the main drivers of Bitcoin
volatility. Their findings reveal that key determi-
nants include Google Trends, the total circulation
of Bitcoins, US consumer confidence, and the S&P
500 index, suggesting that both market sentiment
and macroeconomic indicators play significant
roles in influencing Bitcoin’s price fluctuations.
Elsayed et al. (2022) further contribute to the un-
derstanding of market dynamics by exploring the
return spillovers between cryptocurrencies and
other assets. Their study finds that cryptocur-
rency policy uncertainty is the primary transmit-
ter of these spillovers, with gold serving as a net
receiver of both return and volatility spillovers
across bearish, bullish, and normal market con-
ditions. This emphasizes the interconnectedness
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of cryptocurrency and traditional asset markets,
underlining the importance of considering spill-
over effects in future analyses. Kaya and Mostowfi
(2022) investigated investment strategies in cryp-
tocurrency portfolios, concluding that concentrat-
ed low-volatility portfolios with a six- to twelve-
month volatility look-back and holding period
can yield statistically significant returns. Their re-
search also highlights the effectiveness of imple-
menting a simple stop-loss rule to mitigate down-
side risk, thus providing practical insights for in-
vestors in the cryptocurrency space. Brauneis et
al. (2022) analyzed the liquidity of Bitcoin to US
Dollar (BTCUSD) markets using order book data
from major cryptocurrency exchanges. Their find-
ings indicate that BTCUSD liquidity surpasses
that of US equity markets, often exhibiting bid-
ask spreads below 1 basis point. The study iden-
tifies key factors influencing BTCUSD liquidity,
including past liquidity on the same exchange,
overall market liquidity, volatility, and blockchain
transaction fees, thereby enhancing the under-
standing of liquidity dynamics in cryptocurrency
markets. Chinthapalli (2021) explored advanced
methodologies to analyze Bitcoin’s financial char-
acteristics, employing exponential hybrid models
such as GARCH and ANN. The study illustrates
that cryptocurrency volatility changes more rap-
idly than that of traditional assets and foreign
exchange pairs, emphasizing the unique nature
of the cryptocurrency market and the need for
tailored analytical approaches. Nupur Gupta et

http://dx.doi.org/10.21511/imfi.21(4).2024.23



Investment Management and Financial Innovations, Volume 21, Issue 4, 2024

al.,(2023) explored the possibility of creating a
multiasset portfolio, including cryptocurrencies
found that the results were not recommended in-
cluding cryptocurrencies to international portfo-
lio managers who wish to construct a multi-asset
portfolio using stock indices, fiat currencies, and
commodities of global significance. Leirvik (2020)
examined the efficiency of prices across five dif-
ferent cryptocurrencies, noting signs of improv-
ing market efficiency as evidenced by a significant
decline in the Average Market Information Model
(AMIM) over the past six quarters. This suggests
that cryptocurrency markets are evolving rapidly,
with increasing volume and decreasing volatility.
Yu Wei et al. (2023) discovered that uncertainty
proxies related to cryptocurrencies are robust pre-
dictors for forecasting volatility in precious metal
markets. Their empirical findings hold important
implications for risk management, enabling inves-
tors and portfolio managers to make informed
and timely decisions by adjusting their long po-
sitions based on anticipated changes in precious
metal prices. Ferreira and Sandner (2021) pro-
vide a comprehensive overview of the European
Union’s efforts to regulate crypto assets, identify-
ing significant challenges and proposing potential
solutions for their integration into the broader fi-
nancial system. Further this discussion by exam-
ining the complexities involved in incorporating
these assets into existing regulatory frameworks.
Alekseenko (2023) emphasizes the necessity of a
robust regulatory framework to protect consum-
ers and regulate cryptocurrency exchanges, high-
lighting the growing need for effective governance
in the rapidly evolving digital landscape. The sen-
sitivity of cryptocurrency markets to macroeco-
nomic news and external events has been a well-
researched area. Lydcsa et al. (2020) demonstrate
how factors like regulations and hacking incidents
significantly impact Bitcoin’s volatility, indicating
the cryptocurrency market’s susceptibility to ex-
ternal shocks. Similarly, Sapkota (2022) explores
how news-based sentiment influences Bitcoin
volatility, underscoring the critical role of public
perception in shaping market dynamics. The ef-
ficacy of technical trading and market efficiency
is another key focus of research. Grobys (2020)
investigates the effectiveness of various technical
trading rules in the cryptocurrency market, while
Tran and Leirvik (2020) assess the efficiency of
different cryptocurrencies, offering insights into

http://dx.doi.org/10.21511/imfi.21(4).2024.23

effective trading strategies and market behavior.
Umar et al. (2023) contribute to this area by ex-
ploring the relationship between cryptocurrency
and traditional financial markets, illustrating the
interplay between Bitcoin volatility, stock markets,
and investor sentiment. Gupta et al. (2022) intro-
duce the Crypto Index, aggregating the market
capitalization of the top seven cryptocurrencies to
provide a reliable indicator of overall market con-
ditions. Bibi (2023) discusses the evolving role of
money in the age of cryptocurrency, while Umar
(2023) conducts a comparative analysis of crypto-
currency returns and economic policy uncertainty
before and after COVID-19, emphasizing the evo-
lution of these markets. The extreme volatility of
cryptocurrencies, which attracts many investors,
is noted by Waspada et al. (2022), yet gaps remain
in understanding their long-term stability and in-
tegration into the financial system. Akhtekhane
and Poorabbas (2023) present a model for estimat-
ing Value-at-Risk (VaR) using spline interpolation
to represent empirical probability distributions
of return series. Their findings indicate that this
model can outperform traditional methods, pro-
viding valuable insights for market risk validation.
The research suggests that future inquiries should
address existing gaps and develop more robust
models for predicting market behavior and in-
forming regulatory policies. Fan Fang et al., (2022)
analysed datasets, research trends and distribu-
tion among research objects (contents/properties)
and technologies, concluding with some promis-
ing opportunities that remain open in cryptocur-
rency trading. The gap between psychological and
knowledge-based determinants driving trading
behaviors, particularly regarding emerging cryp-
tocurrencies like Beldex Coin, is critically ana-
lyzed by Gowda and Chakravorty (2021). Despite
a growing body of literature on cryptocurrency
trading, significant gaps persist in comprehen-
sively understanding the factors influencing this
behavior (Amaro & Ferreira, 2023). Kakinaka and
Umeno (2022) identify risk management, hedon-
ic motivation, and investment desire as key fac-
tors, while Chaarani et al. (2024) recognize mar-
ket knowledge, peer participation, and earning
desires as major influences on trading decisions.
Traditional financial decision-making models in-
adequately address the unique psychological and
informational aspects inherent in cryptocurrency
markets (Schinckus et al., 2021).
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The extensive research surrounding cryptocurrency
markets highlights a complex interplay of regulatory,
behavioral, and market dynamics. While significant
strides have been made in understanding the regu-
latory challenges and macroeconomic influences on
cryptocurrencies, critical gaps remain in compre-
hensively understanding investor behavior and the
long-term stability of these digital assets. Continued
investigation into the psychological and informa-
tional determinants of trading behavior, alongside
the development of more robust predictive models,
is essential for effectively integrating cryptocurren-
cies into the broader financial system. As digital
currencies continue to reshape financial landscapes,
fostering a comprehensive understanding of these
factors will be paramount for regulators, investors,
and researchers alike. Addressing the identified
gaps will not only enhance academic discourse but
also inform practical applications in risk manage-
ment and investment strategies, paving the way for
a more stable and regulated cryptocurrency market.

2. DATA AND METHODOLOGY

The study investigates the psychological and
knowledge-based determinants of trading inten-
tions towards the Beldex coin market through the
CoinGecko tool. To achieve this goal, a structured
methodology was implemented, including survey-
based data collected from 369 crypto traders, sys-
tematic sample selection, and rigorous multiple re-
gression analysis to evaluate the impact of various
factors on trading intentions. The questionnaire
was designed to measure the key variables of inter-
est, with items adapted from established scales in
the literature to ensure reliability and validity. The
survey included sections on demographic infor-
mation, trading experience, and specific questions
related to each of the independent variables and
the dependent variable. The distribution process
involves sharing the survey link in crypto trading
forums, cryptocurrency discussion groups, and
direct emails to known crypto traders. The depen-
dent variable of Trading Intentions and indepen-
dent variables of Risk Management, Hedonic mo-
tivation, Investment Desire, Market Knowledge,
Peer participation, and Earning Desires are ana-
lyzed. Descriptive statistics, including frequencies,
percentages, means, and standard deviations, were
employed to summarize the demographic charac-
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teristics of the sample to provide a comprehensive
overview of the respondents’ backgrounds and
trading experiences. The reliability of the mea-
surement scales was assessed through Cronbach’s
alpha, with values exceeding 0.70 deemed ac-
ceptable for internal consistency. Construct va-
lidity was confirmed through Exploratory Factor
Analysis, which verified the factor structure of the
scale. The study hypothesizes that the factors posi-
tively influence trading intentions, with effective
risk management strategies reducing perceived
risks, hedonic motivation driving emotional in-
vestment, investment desire fueling interest, mar-
ket knowledge informing decisions, peer partici-
pation encouraging engagement, and earning de-
sires motivating participation.

This analysis aimed to predict trading intentions
towards Beldex coins on the basis of six indepen-
dent variables: risk management, hedonic motiva-
tion, investment desire, market knowledge, peer
participation, and earning desire. To test the hy-
pothesized relationships, multiple regression anal-
ysis was conducted. The regression model is speci-
fied as follows:

Tl= g, + B RM + B,HM + B,ID
+B,MK + . PP+ B.ED + ¢,
where :Bo istheintercept, ﬂo BB 133 B ﬂs , ﬂs

are the coefficients for the independent variables,
& is the error term.

©)

The significance of each coeflicient was tested to
determine the strength and direction of the rela-
tionships between the independent variables and
the dependent variable. Additionally, the overall
fit of the model was assessed through R-squared
and F-statistics. This methodological approach en-
sures a rigorous examination of the factors influ-
encing trading intentions toward the Beldex coin
in the crypto market, providing valuable insights
into the psychological and knowledge-based de-
terminants of cryptocurrency trading behavior.

3. RESULTS

This section presents the results of the study on the
psychological and knowledge-based determinants
of trading intentions towards the Beldex coin

http://dx.doi.org/10.21511/imfi.21(4).2024.23
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Market Volatility of Beldex (BDX) coin
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Figure 1. Market volatility of Beldex coin

among crypto traders. The analysis includes both
descriptive statistics and the outcomes of the mul-
tiple regression analysis to test the hypothesized
relationships between independent variables (risk
management, hedonic motivation, investment de-
sire, market knowledge, peer participation, and
earning desires) and the dependent variable (trad-
ing intentions towards Beldex coin). The sample
consisted of 300 crypto traders, predominantly
male (65%) and aged between 25-40 years (60%).
A significant portion of respondents had over
three years of trading experience (55%), reflecting
a diverse background in cryptocurrency trading.
Most participants (70%) reported trading crypto-
currencies, particularly Beldex coins, within the
past year. The multiple regression analysis aimed
to predict trading intentions towards Beldex Coins
on the basis of the six independent variables.

Figure 1 illustrates the market volatility of Beldex
coins (in INR) from July 2019 to 2024. The volatil-
ity fluctuated significantly over the years. Initially,
it rose from 3.48 in July 2019 to 6.19 within a
month, stabilizing at 5.00 by December 2019. In
2020, volatility began at 7.66, dipped to 3.11, and
rebounded to 6.37, ending the year at 5.95. The
subsequent year, 2021, saw volatility increase
steadily from 5.46 to a peak of 10.30 in November
before decreasing to 8.39 by December. A declin-

http://dx.doi.org/10.21511/imfi.21(4).2024.23

ing trend was observed in 2022, with volatility de-
creasing from 6.69 to 3.70 by the end of the year.
This downward trend continued into 2023, with
volatility ranging from 3.50 to 2.55. However, a
slight increase was noted towards the end of 2023,
fluctuating between 2.74 and 3.82. In 2024, vola-
tility continued to decline from 3.66 to 2.62 in
the first half, suggesting a potential stabilization.
However, the data hints at a possible market up-
swing in the forthcoming financial years amidst
ongoing fluctuations. Table 1 summarizes the re-
gression coefficients, standard errors, t-values, and
p-values for each predictor variable.

The regression analysis results are displayed in
Table 1. The regression model was statistical-
ly significant, with an F-statistic of 35.72 (p <
0.001) and R-squared value of 0.53, indicating
that approximately 53% of the variance in trad-
ing intentions towards Beldex coins could be ex-
plained by the six predictor variables. Risk man-
agement positively influences trading intentions
toward Beldex coins (f = 0.342, p < 0.001) and
significantly increases trading intentions, in-
dicating that traders employing diversification
and stop-loss strategies are more likely to en-
gage in Beldex coin trading. Hedonic motivation
positively influences trading intentions toward
Beldex coins (f = 0.125, p = 0.031) and plays a
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Table 1. Regression analysis results

Predictor Variable Coefficient (B) Standard Error t-value p-value
Intercept = R B 293 e
Risk Management 0.067 5.10 0.000
Hedonic Motivation 0058 216 0,031
Investment Desire . 0.064 339 0.001
Market Knowledge 0.059 3.20 0.002
Peer Participation L0082 28 0.015
Earning Desires 0.071 5.32 0.000

significant role, suggesting that traders driven
by the excitement and thrill of trading are more
inclined to trade Beldex coins. Investment de-
sire positively influences trading intentions to-
ward the Beldex coin (B = 0.217, p = 0.001) and
has a significant effect, indicating that traders
motivated by the perceived value and growth
potential of Beldex coins are more likely to
trade it. Market knowledge positively influenc-
es trading intentions toward the Beldex coin (
= 0.189, p = 0.002) and significantly enhances
trading intentions, highlighting the importance
of financial literacy and understanding crypto-
currency markets. Peer participation positive-
ly influences trading intentions toward Beldex
coins, (p = 0.151, p = 0.015) has a positive effect,
indicating that traders influenced by social net-
works and peer advice are more likely to trade
Beldex coins. Earning desires positively influ-
ence trading intentions toward Beldex coins (
= 0.378, p < 0.001) and have the strongest im-
pact, suggesting that traders motivated by fi-
nancial gains are significantly more likely to en-
gage in Beldex coin trading. The results confirm
that both psychological factors (hedonic moti-
vation, investment desire, and earning desires)
and knowledge-based factors (risk management,
market knowledge, peer participation) signifi-
cantly influence trading intentions towards
Beldex coins among crypto traders. These find-
ings contribute to understanding the complex
motivations and decision-making processes
involved in cryptocurrency trading. This study
employs Structural Equation Modeling (SEM)
using AMOS software version 25 to examine the
factors influencing crypto trading intentions
and retention among participants. The research
hypothesizes that risk management in Beldex
Projects, hedonic motivation, investment desire,
crypto market knowledge, peer participation
and support, and earnings desires from crypto
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significantly influence foreign exchange trading
intentions. Additionally, the study examines the
relationship between demographic factors and
market efficiency.

3.1. Research hypotheses

The hypotheses were formulated to assess the
Forex trading intention and retraining of the
Forex market participants. The research design
has two exogenous variables and six endogenous
variables, and it is carried out using SEM (AMOS
software version 25).

HI: Risk management in the Bledex Projects sig-
nificantly influences the foreign exchange
trading intention.

H2: Hedonic motivation significantly influences
the foreign exchange trading intention.

H3: Investment desire significantly influences the
foreign exchange trading intention.

H4:  Forex market knowledge has significantly in-
fluenced foreign exchange trading intentions.
H5:  Peer participation and support have signifi-
cantly influenced the foreign exchange trad-
ing intention.

H6: Earning desires from Forex have signifi-
cantly influenced foreign exchange trading
intentions.

H7:  Risk management in the Bledex Projects sig-
nificantly influences the foreign exchange re-
trading intention.

HS8: Hedonic motivation significantly influences
foreign exchange re-trading intention.

http://dx.doi.org/10.21511/imfi.21(4).2024.23
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Figure 2. Structural equation modeling for assessing the trading and retrading intentions

H9:  Investment desire significantly influences the
foreign exchange re-trading intention.

HI0: Forex market knowledge has significant-
ly influenced foreign exchange re-trading
intentions.

HI12: Earning desires from Forex have significant-

ly influenced foreign exchange re-trading
intentions.

The Structural Equation Modeling (SEM) analysis
presented in Figure 2 and Table 2 reveals valuable
insights into the drivers of trading and retrading

Table 2. Trading and retrading intensions

intentions. Notably, the model explains 46% of the
variance in market trading intention and 37% in
retarding intention, demonstrating considerable
explanatory power for behavioral studies. Risk
management in Beldex projects emerges as a criti-
cal factor that significantly influences trading in-
tention. Hedonic motivation and behavior are vi-
tal in driving foreign exchange trading intentions.
Investment desire similarly exhibits a significant ef-
fect on trading intention. However, crypto market
knowledge (H4) is found to have a limited impact
on trading intention, suggesting traders prioritize
other factors. In contrast, peer participation and
support significantly influence trading intention
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Figure 3. Contemporary scenario of Beldex Coin in the market — July 2023 to April 2024

(H5). Earning desires prove essential, with a high t-
ratio of 3.019 (H6), underscoring their motivation-
al force. Interestingly, risk management in Beldex
projects has less of an effect on retarding intentions
(H7). Hedonic motivation (H8) and investment de-
sire (H9) also exhibit insignificant effects on retard-
ing intentions. Although foreign market knowledge
shows marginal significance (H10, p = 0.018), peer
participation and support have a limited impact on
retarding intentions (H11). Earning desires from
crypto markets also fail to significantly influence
retarding intentions (H12). These findings provide
a deliberate understanding of the factors driving

trading and retrading intentions in the crypto mar-
ket, highlighting the complex relationship between
risk management, motivation, investment desire,
and social influences.

Figure 3 illustrates the market dynamics of Beldex
Coin, analyzed using CoinGecko tools, revealing
fluctuations in market efficiency over the specified
period. Particularly, the market price of Beldex
Coin reached its peak in July 2023, followed by a
gradual decline in October 2023. However, from
January 2024 to April 2024, the market witnessed
an upward trend with increasing price movements.
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Figure 4. Beldex coin efficiency in the market 2019-2024
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Figure 4 represents the leading cryptocurren-
cies, and their market information concerning
intraday price movements, percentage of change,
market capitalization rate, volume of supply, and
52-week moving average are analyzed by using a
simple moving average as a tool for assessing mar-
ket volatility. Investors must deduct deception in
the domain of financial technology and the risks
involved in crypto trading, including price manip-
ulations, forged estimates, and macroeconomic
constraints. Compared with 2019, in 2022, a large
volume of trading was held in the Beldex market.

4. DISCUSSION

The findings of this study provide valuable insights
into the psychological and knowledge-based deter-
minants influencing trading intentions towards the
Beldex coin among crypto traders. The analysis re-
vealed significant relationships between several key
variables — risk management, hedonic motivation,
investment desire, market knowledge, peer partici-
pation, and earning desires and traders’ intentions
to engage in Beldex coin trading. The positive influ-
ences of hedonic motivation and investment desire
on trading intentions underscore the emotional and
financial motivations driving traders. Traders who
find excitement in cryptocurrency trading and per-
ceive cryptocurrencies such as Beldex coins as prom-
ising investments are more likely to actively trade
them. Sentiment-based research, there is a substan-
tial body of work, which uses natural language pro-
cessing technology, for sentiment analysis with the
ultimate goal of using news and media contents to
improve the performance of cryptocurrency trading
strategies (Fan Fang et al., 2022). The strongest pre-
dictor, earning desires, highlights the significant role
of financial incentives in shaping trading behavior.
Traders motivated by the potential for high returns
are particularly inclined to engage in Beldex coin
trading, reflecting the economic incentives driving
participation in cryptocurrency markets (Jiang & Li,

2019; Stevens et al., 2021). Effective risk management
practices and comprehensive market knowledge
were found to positively influence trading intentions
toward the Beldex coin. Traders who employ strat-
egies such as diversification and better understand
cryptocurrency markets are more confident in their
trading decisions. These findings support the no-
tion that informed decision-making and risk miti-
gation strategies are critical for trading success in
volatile markets (Barber & Odean, 2001; Grinblatt
& Keloharju, 2009). The impact of peer participa-
tion highlights the social aspect of trading decisions.
Traders influenced by peer advice and engaged in
online trading communities exhibit greater trading
intentions toward Beldex Coins. This finding under-
scores the role of social networks in shaping market
behavior and decision-making processes (Antweiler
& Frank, 2004; Bikhchandani et al., 1992). The results
of this study are consistent with previous research on
trading behavior in financial markets. Studies exam-
ining the factors influencing cryptocurrency trading
have consistently identified psychological motiva-
tions like hedonic motivation and investment desire,
and knowledge-based factors like market knowledge
and risk management as key determinants of trading
intentions (Li & Wang, 2020; Zhou et al., 2017). The
current study extends this understanding by specifi-
cally focusing on the Beldex coin within the crypto
market context, contributing nuanced insights into
trader behavior. The observed relationships between
psychological and knowledge-based factors and
Beldex coin trading intentions can be explained by
several underlying mechanisms. First, the emotional
appeal of trading and the desire for financial gains
motivate traders to actively engage in Beldex coin
transactions. Second, traders equipped with better
market knowledge and effective risk management
strategies feel more confident in navigating the com-
plexities of cryptocurrency trading, thereby enhanc-
ing their trading intentions. Finally, the influence
of peer networks underscores the social dynamics
at play, where traders seek validation and guidance
from their peers when making trading decisions.

CONCLUSION AND IMPLICATIONS

This study investigated the psychological and knowledge-based factors influencing trading intentions
toward Beldex coins among crypto traders. Analyzing data from 300 respondents, the study identified
significant influences such as hedonic motivation, investment desire, and earning desires, underscor-
ing the role of psychological motivations in cryptocurrency trading. Moreover, effective risk manage-
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ment strategies and market knowledge were found to enhance trading intentions, highlighting the im-
portance of financial literacy and risk mitigation techniques in fostering trader engagement. Practical
implications suggest the need for enhanced trader education programs that integrate psychological in-
sights and promote sound risk management practices tailored to cryptocurrency markets. Future re-
search directions could explore the ongoing evolution of cryptocurrency dynamics in response to tech-
nological advancements and regulatory changes, offering insights into sustainable trading behaviors
over time. Overall, this study contributes to understanding how psychological and knowledge-based
factors shape trading intentions, providing actionable insights for market participants, educators, and
policymakers aiming to support informed decision-making in digital currency markets.

Future research in this area could explore the dynamic interplay between these psychological and
knowledge-based factors over time. Longitudinal studies could track changes in trader behavior and
intentions amidst evolving market conditions and regulatory landscapes. Additionally, investigating
the role of emerging technologies in blockchain advancements and regulatory frameworks in shaping
trader decisions could provide deeper insights into cryptocurrency market dynamics. Furthermore, ed-
ucational initiatives to enhance trader literacy and promote effective risk management practices could
mitigate trading risk and foster a more informed trading community. Leveraging insights from behav-
ioral economics and psychology could also inform strategies to nudge traders toward more rational
decision-making processes in volatile markets.
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