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Abstract

InsurTech adoption faces challenges in emerging markets, where consumers are con-
cerned about the fairness of insurance claims and the security of InsurTech systems. 
The aim of this study is to test the InsurTech adoption intention in Jordan based on 
trust, perceived risk, and perceived regulatory protection. The research design is based 
on a survey of insurance consumers in Jordan (N = 346).

Adoption intention is positively correlated with trust (r = 0.71) and regulatory protec-
tion (r = 0.60) and is negatively correlated with perceived risk (r = −0.38). Regulatory 
protection is positively correlated with trust (r = 0.65) and negatively correlated with 
perceived risk (r = −0.52). The model explains 57% of the variance in adoption inten-
tion (R-squared = 0.57). Trust has the strongest influence on adoption intention (beta = 
0.520, p < 0.001), whereas perceived risk has a negative effect (beta = −0.180, p < 0.001). 
Regulatory protection also positively influences adoption intention (beta = 0.120, p = 
0.012) and trust (beta = 0.650, p < 0.001), and negatively influences perceived risk (beta 
= −0.530, p < 0.001). Regulatory protection also indirectly influences adoption inten-
tion through trust (beta = 0.340, p < 0.001) and perceived risk (beta = 0.100, p < 0.001).

InsurTech adoption intention in Jordan is primarily based on confidence and assur-
ance, where trust is the most important factor, and the influence of regulation is mani-
fested through trust and risk perceptions.
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INTRODUCTION

The InsurTech concept, which is the integration of insurance ser-
vices through online platforms, data analytics, and automation, has 
been revealed as a major disruptor in the financial services sector. 
Unlike any other financial products, insurance products only pro-
vide value when there is a loss, and the genuineness of the claim is 
the only factor that influences customer satisfaction. The adoption 
of InsurTech is highly dependent on the trust level, risk, and sense 
of security provided by the government through the insurance reg-
ulator. Policyholders may understand the need for InsurTech, but 
the fear of data hacking, fraud, and biased treatment during claim 
settlement may hold them back from using the services.

In Jordan, this is a critical scientific problem in the sense that the 
insurance sector is a thriving sector, where total premiums were 
JOD776.98 million in 2024, while total paid claims were JOD524.05 
million. This shows the financial magnitude of the system, which 
operates at a high intensity.  Nevertheless, the National Financial 
Inclusion Strategy indicates that insurance penetration in Jordan 
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was only 1.99% of GDP in 2021, with non-life being 1.66% and life 0.34%. This shows that, despite 
a mature financial system, there is still a lack of utilization of InsurTech services, posing a critical 
scientific problem on the actual drivers of InsurTech acceptance.

The process of legal and institutional modernization has also increased the need to understand the 
actual drivers of InsurTech acceptance in Jordan. The approval of the Insurance Contracts Law, which 
enhances policyholders’ rights by requiring a speedy response to claims and forbidding ambiguous 
language, shows a national movement towards fairness and transparency. This shows a level of mod-
ernization in the system, but this does not necessarily mean that this would automatically translate 
to consumer confidence. The scientific problem, therefore, revolves around the process of explaining 
InsurTech acceptance through the interplay of behavioral drivers such as trust and risk perception, and 
institutional assurance in the form of perceived regulatory protection.

1. LITERATURE REVIEW 

The term InsurTech is defined as the utilization 
of various forms of digital technology, platforms, 
and interfaces, including analytics and automa-
tion, in the distribution, servicing, underwriting, 
and claims handling of insurance products. The 
conceptualization of InsurTech is unique com-
pared to other forms of FinTech adoption in that 
insurance is a promise-based service whose util-
ity is realized under conditions of uncertainty at 
the time of loss. Thus, the adoption of InsurTech 
is a behavior resulting from the interplay between 
beliefs about technology, appraisals of uncertainty, 
and institution-based assurance.

Technology Acceptance Theory is the fundamen-
tal theory explaining the adoption of technology 
among individuals. The Technology Acceptance 
Model posits that attitudes and intentions to adopt 
technology depend on perceived usefulness and 
perceived ease of use of the technology (Ismail et 
al., 2024; Rahimi & Oh, 2025). Subsequent mod-
els of the Technology Acceptance Model incorpo-
rate various determinants of technology adoption, 
including performance expectancy, effort expec-
tancy, social influence, and facilitating conditions 
(Duong et al., 2024; Morshed, 2025c). Other rel-
evant theories include the role of attitudes and 
norms (E. Kim & Y. Kim, 2025), the role of per-
ceived behavioral control (Horvey et al., 2025), 
and the role of innovation attributes such as rel-
ative advantage, compatibility, and complexity 
(Wei et al., 2025). In the service domain, system 
quality and information quality are also known to 
influence the user’s response, in terms of the per-
ceived reliability of the system or the usefulness of 

the output in decision-making processes (Chand 
et al., 2025; Fu et al., 2024). In the context of the 
InsurTech phenomenon, these theories suggest 
that the adoption rate will increase with the use 
of digital interfaces that reduce the effort involved 
in the service or the performance of the service 
(Braun & Jia, 2025). Information asymmetry and 
performance contingencies are, however, unique 
to the insurance industry, which reduces the pre-
dictive capability of the “usefulness and ease of 
use.”

The economics of the insurance industry are 
unique in the way that insurance transactions are 
affected by adverse selection and moral hazard, in 
which one party to the transaction has more infor-
mation or an opportunity to behave opportunisti-
cally (Morshed & Khrais, 2025; Zhang et al., 2025). 
Even when the insurer is not acting opportunis-
tically, the consumer may perceive the insurance 
contract as complex with exclusion provisions, 
leading to confusion about the likelihood of the 
claim being paid out. This is further complicated 
when the service interface is digitized, leading to a 
state of perceived “human accountability.” In this 
regard, the adoption rate of the InsurTech phe-
nomenon should not be examined in terms of the 
user’s beliefs but in terms of the perceived loss or 
the service quality.

The concept of trust is also core in explaining the 
concept of adoption under vulnerability. Trust is 
often described as the willingness to be vulnera-
ble based on positive assumptions about the other 
party’s competence, integrity, and benevolence 
(Alassaf et al., 2026; Mik, 2025). Trust is also de-
scribed as a means of reducing social complexity 



38

Insurance Markets and Companies, Volume 17, Issue 1, 2026

http://dx.doi.org/10.21511/ins.17(1).2026.03

in situations where full information is unattain-
able (Anning-Dorson, 2025; Sukma & Yamnill, 
2025). Trust is also useful in facilitating commit-
ment and cooperation in relational exchanges, 
particularly when the exchange is uncertain, and 
the outcome cannot be completely contracted (Lee 
& Yim, 2025). Trust is also a predictor of intention 
to use digital transactions, as observed in many 
studies, particularly when consumers cannot di-
rectly observe quality and are forced to rely on sig-
nals and expectations (Al-Daoud & Abu-AlSondos, 
2025; Morshed et al., 2024b). Trust, in the context 
of InsurTech, is not only related to the interface of 
technology with consumers but also encompasses 
trust in the integrity of the insurance company’s 
claims handling and the fairness of digital pro-
cesses. Trust, as a concept, is theorized as a proxi-
mal predictor of InsurTech intention as it makes 
the promise-based nature of insurance psycholog-
ically acceptable (Ahmad et al., 2023).

The other complementary mechanism is perceived 
risk, which also works to reduce adoption by in-
creasing the perceived costs of participation. The 
concept of perceived risk has been traditionally 
defined as the expected loss that is likely to occur 
under conditions of uncertainty (Ali & Morshed, 
2024; Soleymanian et al., 2025). Over time, the 
concept has been viewed from a more multidi-
mensional perspective, where the concept of risk 
includes various components, including financial 
risks, risks to performance, privacy risks, time 
risks, and social risks (Shaban & Omoush, 2025; 
Morshed, 2024b).

In the context of technology-mediated services, 
perceived risk is a common driver of reduced in-
tention due to increased perceived costs of negative 
outcomes and avoidance of decisions (Othman, 
2025; Morshed, 2024a). In the context of insur-
ance services, perceived risk is particularly salient, 
given that the risk perceived by the consumer is 
not limited to the security of the payment or the 
leakage of sensitive information, but also extends 
to the risk of denial of claims and the complexity 
of the procedures (Fakfare et al., 2024; Salzberger, 
2025).

Privacy and information security issues constitute 
a significant aspect of the overall risk involved 
in InsurTech adoption. According to the body of 

knowledge on privacy, individuals’ privacy con-
cerns depend on the level of control and trans-
parency they feel, rather than the security of the 
information (Celestin & Vanitha, 2022; Zarifis 
& Cheng, 2022). The Internet Users’ Information 
Privacy Concerns model indicates that collection, 
control, and awareness constitute significant com-
ponents of the overall risk involved in information 
privacy (Akour et al., 2022; Ismagilova et al., 2022). 
Studies have also demonstrated that individuals’ 
privacy concerns negatively influence the adop-
tion of e-services when they feel that their infor-
mation will be misused (Liu et al., 2022; Prince et 
al., 2021). The contextual perspective suggests that 
the overall risk involved in information privacy 
is a function of the suitability of the information 
flow in the given context (Cloarec et al., 2022). This 
implies that “more is not necessarily better” when 
considering the amount of information involved 
in the provision of the InsurTech services, despite 
overall performance improvements (Cloarec et al., 
2022). Overall evidence from the digital services 
arena suggests that despite improvements in the 
overall functionality of services, individuals’ pri-
vacy and information security concerns continue 
to influence their behavior (Mashatan et al., 2022; 
Raddatz et al., 2023).

The trust and risk components also interact with 
each other in the sense that trust reduces the over-
all risk involved in the adoption of InsurTech ser-
vices (Jreissat et al., 2024; Morshed, 2025a). This 
implies that trust reduces the overall risk involved 
in the adoption of InsurTech services as the pro-
vider is expected to act responsibly in resolv-
ing issues that arise (Morshed, 2025a). This also 
implies that the trust involved in the adoption 
of InsurTech services reduces the overall risk in-
volved in the adoption of InsurTech services, sug-
gesting that overall adoption intention is a func-
tion of the overall trust and risk components in-
volved in the adoption of InsurTech services (Al-
Muntasir, 2022).

The link between trust and risk also depends on 
the institutional environment, with perceived 
regulatory protection being an important factor. 
Institution-based trust theory explains that trust 
can occur through the presence of formal struc-
tures that function to mitigate risks or uncertainty 
(Dai et al., 2022; Ramadan & Morshed, 2024). At 
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the same time, institutional theory helps explain 
the role of regulation in creating legitimacy, which 
explains the role of rules and oversight in the be-
havior of organizations, sending the message to 
stakeholders and consumers that the organization 
is behaving acceptably to society (DiMaggio & 
Powell, 1983). The concept of structural assurance, 
as applied to online environments, is the belief that 
formal structures for protection make successful 
transactions more likely and reduce the adverse 
consequences of unsuccessful ones (Krishna et al., 
2025; Sangari & Mashatan, 2024). Thus, when con-
sumers perceive strong legal recourse, supervision, 
and standards, they believe opportunistic behav-
ior is controlled and, as such, may be more likely 
to trust and perceive lower risk.

The concept of institutional assurance is particular-
ly relevant to InsurTech as consumers will also want 
to assess whether digital insurance is ‘contestable’ 
and ‘fair’ should they need to make a claim, and 
perceived regulatory protection may play a role in 
this decision as a signal of reduced uncertainty, as 
per signaling theory, whereby consumers respond 
to credible external signals when making deci-
sions under information asymmetry (Lessambo, 
2023). This means, in practice, perceived regula-
tory protection may influence InsurTech adoption, 
even if consumers are unaware of the specifics of 
the legislation or regulations, as long as they be-
lieve regulators will ensure fairness and clarity of 
terms and processes for both insurers and consum-
ers. This mechanism aligns with the overall fintech 
governance debates that highlight the importance 
of regulation in facilitating innovation while man-
aging risks to consumers and the system (Chen & 
Liao, 2025). These regulatory innovations of the 
‘regulatory sandbox’ and ‘supervisory technology’ 
are seen as tools for enhancing legitimacy and safe-
ty (Bharti et al., 2024; Zarifis & Cheng, 2022). In 
the context of insurance-specific governance, the 
overall regulatory perspectives of international su-
pervisory organizations highlight the importance 
of conduct of business rules, consumer protection, 
and managing technology risks in digital distri-
bution and claims. These perspectives are in line 
with the theoretical expectation of the importance 
of ‘perceived regulatory protection’ as an ‘institu-
tional assurance’ mechanism in influencing trust 
and risk perception. The overall evidence from 
emerging markets in the study of digital finance 

in Jordan and similar contexts often indicates the 
importance of ‘perceived risk’ and ‘trust’ in influ-
encing intention beyond the overall acceptance 
beliefs (Abdeljawad & Farhood, 2024; Jaber et al., 
2025). These overall perspectives of the importance 
of ‘security perception,’ ‘institutional trust,’ and 
‘perceived risk’ in the context of e-banking and 
mobile payments in the overall context of digital 
finance in Jordan and similar contexts (Abdulla et 
al., 2024; Hussein, 2025) would imply the overall 
importance of the ‘triod of trust,’ ‘perceived risk,’ 
and ‘regulatory protection’ in the context of overall 
‘InsurTech.’

In conclusion, it is apparent that all theoretical 
arguments converge to provide a coherent expla-
nation for InsurTech adoption, which is likely to 
occur when the consumer is convinced that digi-
tal insurance creates service benefits, trusts the 
provider and digital process, sees risks as man-
ageable, and trusts the regulatory environment. 
In addition, it is apparent from the literature that 
regulatory protection is likely to affect InsurTech 
adoption through trust and risk reduction mecha-
nisms, rather than simply as an underlying factor. 
Consequently, an integrated trust-risk-regulatory 
protection model is theoretically well-grounded to 
explain InsurTech adoption in Jordan.

The evidence from the literature review indicates 
that policyholder intention to adopt InsurTech 
is positively influenced by trust but is negatively 
influenced by risk, whereas perceived regulatory 
protection is likely to act as an assurance factor 
that shapes trust and risk. In addition, it is appar-
ent from the literature that adoption barriers exist 
when there is no perceived regulatory protection, 
which is credible at the user level, despite the avail-
ability of technology capability. This study exam-
ines how policyholder trust, perceived risk, and 
perceived regulatory protection shape intention 
to adopt InsurTech services in Jordan. Thus, the 
study hypotheses are as follows:

H1: Trust increases InsurTech adoption intention.

H2: Perceived risk reduces InsurTech adoption 
intention.

H3: Regulatory protection increases InsurTech 
adoption intention.
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H4: Regulatory protection increases trust.

H5: Regulatory protection reduces perceived risk.

H6: Trust mediates the effect of regulatory pro-
tection on adoption intention.

H7: Perceived risk mediates the effect of regula-
tory protection on adoption intention.

2. METHODS

The research design adopted for this study is 
quantitative, cross-sectional survey-based, and 
aims to explain policyholders’ intention to adopt 
InsurTech services in Jordan. InsurTech is defined 
in this research as the use of online platforms, 
websites, and mobile applications to execute in-
surance activities such as obtaining quotations, 
purchasing insurance products, accessing policy 
information, submitting claims, and tracking the 
progress of the claims process. Since insurance is 
a promise-based service whose value is realized 
under conditions of uncertainty, the adoption of 
InsurTech is expected to depend on policyholders’ 
trust, risk, and perceived regulation as the funda-
mental mechanisms driving the intention to adopt 
InsurTech services.

The research collected primary data in Jordan 
from August to November 2025 through an online 
questionnaire-based survey using a structured 
questionnaire format. Since there is no sampling 
framework accessible to the public for individu-
als with insurance products, the research adopted 
a non-probability sampling design (convenience 
sampling with controlled snowballing). The sur-
vey URL was disseminated through broker/cus-
tomer communities, professional groups, and uni-
versity/community groups. The eligibility criteria 
were set at the beginning of the questionnaire to 
ensure that the respondents were at least 18 years 
old, held at least one active insurance policy (mo-
tor, medical, life, property, etc.), and had experi-
ence with, or intention to use, at least one digital 
insurance platform in the past (Morshed et al., 
2024a). The analytical sample targeted was set at 
n = 400 valid responses. Screening and data qual-
ity procedures were adopted to ensure the quality 
of the collected data, including the elimination of 

cases that did not meet the eligibility criteria, ex-
cessive missing data, failing the attention check, 
and low quality of the response pattern (straight-
lining, etc.). The distribution of the sample based 
on key demographic characteristics, insurance 
products, and experience with online insurance 
platforms is presented in Table 1 to show the com-
position of the analytical sample intended for the 
research.

Table 1. Sample distribution and respondent 
details

Variable Category Target n %

Gender
Male 200 50.0

Female 200 50.0

Age

18-29 120 30.0

30-39 120 30.0

40-49 100 25.0

50+ 60 15.0

Education
Diploma or less 80 20.0

Bachelor’s 240 60.0

Postgraduate 80 20.0

Main insurance line

Motor 180 45.0

Medical 140 35.0

Life 40 10.0

Property/other 40 10.0

Prior digital insurance 
experience

Yes 220 55.0

No (intention only) 180 45.0

Total 400 100.0

All focal variables were conceptualized as reflec-
tive latent constructs at the individual policyholder 
level and measured using multi-item scales based 
on a 5-point Likert rating format (1 = strongly dis-
agree, 5 = strongly agree). The intention to adopt 
InsurTech (INT) is the policyholder’s intention to 
adopt InsurTech for policy purchase, policy servic-
ing, and handling of claims through the insurer’s 
online insurance channel. The policyholder trust 
(TRU) variable represents the policyholder’s trust 
in the online insurance channel and the insurer’s 
online insurance services, defined as the policy-
holder’s belief in the reliability, competence, and 
fairness of the online insurance channel and the 
insurer’s online insurance services, including the 
policyholder’s belief that the insurer will act with 
integrity in the provision of online insurance ser-
vices and the handling of claims. The RISK vari-
able indicates the way in which the policyholder 
views the negative potential that might be asso-
ciated with the use of the InsurTech. This would 
include the way in which the policyholder might 
view the possibility of fraud, the possibility of the 
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misuse of their personal information, and their own 
unfamiliarity with the way in which the InsurTech 
service would handle servicing and claims. The 
REG variable would represent the way in which 
the policyholder believes that the online insurance 
channel is regulated and that there are protection 
mechanisms in place as a result of regulations. This 
would include the way in which the policyhold-
er believes that there are recourse mechanisms in 
place in the event of negative outcomes from the ex-
perience of using the InsurTech. The questionnaire 
was reviewed for ease of reading and relevance to 
the insurance environment in Jordan, with some 
modifications made as a result of the pilot test. 
Procedural steps were taken to mitigate common 
method bias, including ensuring the questionnaire 
is anonymous, using a balanced phrasing approach, 
and the careful placement of items. An attention-
check item was also included.

The empirical model was analyzed using SmartPLS 
(PLS-SEM). Non-parametric Bootstrapping with 
5,000 subsamples was employed for hypothesis 
testing to determine the standard error, t-value, 
p-value, and confidence interval for direct and 
indirect effects. Evaluation of the measurement 
model was the first step in interpreting the struc-
tural model (Morshed, 2025b). Evaluation of indi-
cator reliability was done using outer loading val-
ues. Evaluation of internal consistency reliability 
was done using Cronbach’s alpha and composite 
reliability. Evaluation of convergent validity was 
done using the average variance extracted (AVE). 
Evaluation of discriminant validity was done 
using the heterotrait-monotrait ratio (HTMT). 
Collinearity was evaluated using variance infla-
tion factors (VIF) for indicators and the structural 
model to ensure that the estimates were not affect-
ed by collinearity issues. Evaluation of the struc-
tural model was conducted using path coefficients 
and their significance, R2 for endogenous con-
structs, f2 for the contribution of individual pre-
dictors, and Q2 for predictive relevance. Mediation 
was evaluated using the indirect paths REG – TRU 

– INT and REG – RISK – INT. Indirect effects were 
evaluated using the confidence interval of boot-
strapping, and mediation was confirmed if the 
confidence interval did not include zero.

For respondent i, the structural relations are spec-
ified as:

0 1

2 3
,

i i

i i i

INT TRU

RISK REG

β β
β β ζ

= +

+ + +
 (1)

0 1 1
,

i i i
TRU REGγ γ ε= + +  (2)

0 1 2
,

i i i
RISK REGδ δ ε= + +  (3)

where INT
i
 denotes InsurTech adoption intention, 

TRU
i
 denotes policyholder trust, RISK

i
 denotes 

perceived risk, and REG
i
 denotes perceived reg-

ulatory protection. ζ
i
, ε

1i
, and ε

2i
 are disturbance 

terms capturing unobserved influences.

This study uses human participants in the form 
of an anonymous survey; thus, the concept of in-
formed consent is applicable. The human partic-
ipants in the study were presented with an elec-
tronic form of informed consent that indicated the 
nature of the study, the participant’s right to with-
draw at any time without consequence, and the 
manner in which confidentiality is maintained. 
In this study, no identifiable information, such as 
names, national IDs, phone numbers, precise ad-
dresses, or policy numbers, was collected; instead, 
the study used the participants’ responses in an 
aggregated manner. Ethical approval was sought 
from the relevant research ethics committee at the 
Middle East University in Amman, Jordan, before 
the actual study began. In this paper, the actual 
survey used is provided in the Appendix to ensure 
transparency and reproducibility of the study.

3. RESULTS AND DISCUSSION 

The empirical model was analyzed using SmartPLS, 
a software package that applies the PLS-SEM al-
gorithm (Path Weighting Scheme, Standardized 
Data). Bootstrapping was used to carry out statis-
tical inference. This was done by generating 5,000 
cases to carry out two-tailed tests, along with bias-
corrected confidence intervals. After the eligibility 
screening and data quality checks, as mentioned in 
the Methodology section, the researchers obtained 
a final sample size of 400 valid cases. This final 
sample size has been mentioned in Table 1, along 
with a detailed presentation of the sample profile.

Table 2 shows the descriptive statistics and con-
struct correlations for InsurTech adoption inten-
tion (INT), trust (TRU), perceived risk (RISK), 
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and perceived regulatory protection (REG). INT 
and TRU tend to be higher, while RISK tends to be 
lower, implying that, at the construct level, respon-
dents tend to be more confident than fearful about 
InsurTech. The correlations are in the expected 
direction, with INT being strongly positively cor-
related with TRU and REG, but negatively corre-
lated with RISK. This lends some initial support to 
the proposed process, whereby INT is seen to rise 
with TRU and REG, but fall with downside uncer-
tainty (Dekkal et al., 2024).

Before interpreting the structural relationships, it 
is important to assess the measurement model to 
ascertain whether it is reliable and valid to mea-
sure the latent variables. The reliability of the indi-
cators was supported by satisfactory outer loading 
patterns, as seen in Table 3, indicating that each set 
of indicators is reliable enough to represent each 
construct (Oreqat, 2021). The internal consisten-
cy reliability was satisfactory since all Cronbach’s 
alpha and composite reliability values were above 
0.70, which is recommended by Morshed (2025d). 
Convergent validity was supported, since all AVE 
values were above 0.50, implying that each con-
struct is responsible for explaining over 50% of 
its indicators. Discriminant validity was support-
ed by HTMT, which showed that the maximum 
HTMT value was below 0.90, implying that all 
constructs, including INT, TRU, RISK, and REG, 

are empirically distinct. Collinearity diagnostics 
showed that there was no issue with multicol-
linearity since all VIF values were well below rec-
ommended levels (Kalnins and Praitis Hill, 2025). 
A brief overview of all the tests is seen in Table 3.

Once the measurement adequacy was confirmed, 
the structural model was evaluated with respect 
to the model’s explanatory power, predictive rel-
evance, and diagnostics. The model has significant 
explanatory power for the variance of adoption in-
tention, with R2(INT) = 0.57, suggesting that the 
TRU, RISK, and REG constructs offer substantial 
explanatory power for policyholders’ InsurTech 
adoption intention. The model also has signifi-
cant explanatory power for the variance of trust 
(R2(TRU) = 0.42) and perceived risk (R2(RISK) = 
0.28), suggesting that policyholders’ perceptions 
of institutional protection contribute to their trust 
and risk perceptions, and hence their psychologi-
cal readiness for InsurTech adoption. The model’s 
predictive relevance was evaluated using blind-
folding, and the results show positive Q2 values 
for the model’s endogenous constructs, suggesting 
that the model is indeed relevant and not merely 
fitting the data (Cheah et al., 2024). The results are 
presented in Table 4.

The results of hypothesis testing for both direct 
and indirect effects are presented in Table 5. Trust 

Table 2. Descriptive statistics and construct correlations

Construct Mean SD 1 2 3 4

1. Adoption intention (INT) 3.66 0.79 1.00 – – –

2. Trust (TRU) 3.58 0.73 0.71 1.00 – –

3. Perceived risk (RISK) 2.61 0.81 –0.38 –0.45 1.00 –

4. Regulatory protection (REG) 3.44 0.76 0.60 0.65 –0.52 1.00

Table 3. Measurement model assessment

Construct Items (n) Loading range Cronbach’s α CR AVE HTMT (max) VIF (max)

INT 4 0.74-0.88 0.86 0.90 0.69 0.83 2.05

TRU 5 0.71-0.89 0.90 0.93 0.72 0.83 2.41

RISK 5 0.70-0.87 0.88 0.91 0.67 0.79 1.98

REG 4 0.73-0.86 0.84 0.89 0.66 0.81 2.12

Table 4. Structural model quality indicators

Endogenous construct R2 Q2

Adoption intention (INT) 0.57 0.39

Trust (TRU) 0.42 0.30

Perceived risk (RISK) 0.28 0.18



43

Insurance Markets and Companies, Volume 17, Issue 1, 2026

http://dx.doi.org/10.21511/ins.17(1).2026.03

has the highest positive impact on InsurTech 
adoption intention (H1), with a strong and sig-
nificant coefficient (0.520, p < 0.001), indicating 
that trust in the digital channel and the integ-
rity of the insurance services/claims is the main 
driver of InsurTech adoption intention. Perceived 
risk negatively affects InsurTech adoption inten-
tion (H2) with a significant coefficient (–0.180, p 
< 0.001), validating the effect of privacy/security, 
fraud, and digital servicing and claims uncer-
tainty on InsurTech adoption intention. Perceived 
protection of the regulatory environment is posi-
tively related to InsurTech adoption intention (H3) 
with a significant coefficient (0.120, p = 0.012), in-
dicating that perceived protection of the regula-
tory environment is an additional motivator for 
InsurTech adoption, apart from trust and per-
ceived risk. Perceived protection of the regulatory 
environment is also strongly related to trust (H4) 
with a strong and significant coefficient (= 0.650, 
p < 0.001) and is significantly related to perceived 
risk (H5) with a strong and significant coefficient 
(= –0.530, p < 0.001).

The applicability of these effects is further support-
ed by the effect size pattern. Trust has the highest 
incremental effect size on adoption intention (f2 = 
0.250), indicating that, apart from being statistical-
ly significant, beliefs related to confidence also have 
substantive significance for InsurTech decisions of 
policyholders (Morshed, 2024c). Perceived risk, al-

though lower, still has a significant effect size (f2 = 
0.070), indicating that risk and negative expecta-
tions, although lower, still play a role in the deci-
sion of policyholders to adopt InsurTech, even when 
the effects of trust and regulation are controlled 
for. Regulatory protection has a small, though still 
significant, effect size on adoption intention (f2 = 
0.030), indicating that, although regulation is signif-
icant for InsurTech decisions, its effect is mediated 
by other factors, namely, building trust and reduc-
ing perceived risk (Dekkal et al., 2024).

To further clarify the mediation effect, Table 6 al-
so presents the decomposition of the total effect of 
regulatory protection on adoption intention into 
direct and indirect effects. The total effect of REG 
on INT is the sum of the direct effect and the two 
specific indirect effects (Taqa, 2025). The decom-
position analysis shows that REG influences INT 
indirectly through trust and perceived risk; the di-
rect effect remains significant, indicating partial 
mediation (Köhne and Köhne, 2024).

In conclusion, the findings provide strong em-
pirical support for the proposed framework. 
The intention to adopt is primarily driven by 
trust, constrained by risk, and augmented by 
regulatory protection, which in turn primarily 
works by influencing trust and risk. High vari-
ance explained for the intention to adopt (R2 
= 0.57), positive predictive relevance ( Q2 > 0), 

Table 5. Structural paths, mediation effects, and hypothesis testing 

Hypothesis
Effect 
type

Relationship O (β) M STDEV t p
95% CI 

(LL)

95% CI 

(UL)
f² Decision

H1 Direct TRU → INT 0.520 0.520 0.042 12.400 < 0.001 0.438 0.602 0.250 Accepted
H2 Direct RISK → INT –0.180 –0.180 0.041 4.350 < 0.001 –0.261 –0.099 0.070 Accepted
H3 Direct REG → INT 0.120 0.120 0.048 2.520 0.012 0.027 0.213 0.030 Accepted
H4 Direct REG → TRU 0.650 0.650 0.038 17.100 < 0.001 0.575 0.725 0.730 Accepted
H5 Direct REG → RISK –0.530 –0.530 0.047 11.200 < 0.001 –0.623 –0.437 0.390 Accepted
H6 Indirect REG → TRU → INT 0.340 0.340 0.034 10.050 < 0.001 0.274 0.406 – Accepted
H7 Indirect REG → RISK → INT 0.100 0.100 0.025 4.050 < 0.001 0.052 0.148 – Accepted

Table 6. Total effect of regulatory protection on adoption intention and mediation decomposition

Component Path(s) Effect (β)
Direct effect REG → INT 0.120

Specific indirect effect (via trust) REG → TRU → INT 0.340

Specific indirect effect (via risk) REG → RISK → INT 0.100

Total indirect effect (via TRU) + (via RISK) 0.440

Total effect of REG on INT Direct + Total indirect 0.560

VAF (share mediated) Total indirect / Total effect 0.79

Mediation conclusion Direct significant + strong indirect Partial mediation
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and strong support for the direct and indirect 
effects using the bootstrapping method confirm 
that the proposed model of trust, risk, and reg-
ulatory protection provides a complete expla-
nation for the intention to adopt InsurTech for 
Jordanian policyholders.

The study reveals that InsurTech adoption in 
Jordan is more driven by trust and protection 
rather than technology per se. The study finds 
a strong association between InsurTech adop-
tion intention and trust (r = 0.71) and protec-
tion (r = 0.60), and a negative association with 
perceived risk (r = –0.38). The study also finds 
that trust, perceived risk, and protection to-
gether explain 57% of the variance in InsurTech 
adoption intention (R² = 0.57) in the structural 
model, with trust having the highest effect (β = 
0.520, p < 0.001), perceived risk having a nega-
tive effect (β = –0.180, p < 0.001), and protection 
having a positive effect (β = 0.120, p = 0.012) on 
InsurTech adoption intention.

The study is also in line with the literature on 
InsurTech, as when insurance is involved, the in-
tegrity of InsurTech and fair handling of claims 
are of prime importance, especially when expe-
riencing tech anxiety (Zarifis & Cheng, 2022; 

Braun & Jia, 2025). The negative effect of per-
ceived risk is also in line with the literature, as 
privacy concerns, surveillance, and risk reduce 
digital willingness (Prince et al., 2021), and risk 
is still involved with digital benefits (Sangari & 
Mashatan, 2024). The positive effect of protec-
tion is also in line with the literature, as struc-
tural protection reduces risk and influences trust 
and risk perception (Dai et al., 2022). Sectoral 
InsurTech adoption is also consistent with the 
literature, as perceived legitimacy is more im-
portant in regulated sectors than cost-benefit 
considerations (DiMaggio & Powell, 1983).

The study finds trust as the major driver of 
InsurTech adoption in Jordan, and this is prob-
ably due to the nature of insurance, as insur-
ance benefits are deferred and are only avail-
able when a claim is made, and trust is used as 
a decision criterion when the outcome is diffi-
cult to assess or evaluate. Perceived risk is also 
related to data and security concerns and fears 
of digital decision-making and claim handling, 
and protection is related to contestability, which 
increases trust and reduces risk, as digital chan-
nels reduce interpersonal reassurance and shift 
to digital processes (Celestin & Vanitha, 2022; 
Chand et al., 2025).

CONCLUSION 

The study sought to explain the underlying factors of the intention to use InsurTech services in Jordan 
by examining three key factors of digital insurance decisions: trust, perceived risk, and perceived regu-
latory protection. The study aimed to test the hypothesis that the intention to use InsurTech is primarily 
driven by confidence-based beliefs and regulatory protection rather than technology factors.

The study concluded that the intention to use InsurTech is primarily driven by the factor of trust, while 
the factor of risk negatively affects the intention to use InsurTech. However, the factor of regulatory 
protection positively affects the intention to use InsurTech, directly and indirectly, by influencing the 
factors of trust and risk.

Based on the study, three key findings were made. First, the study concluded that the intention to use 
InsurTech is primarily driven by the factor of trust, meaning that users must be confident in the ability 
of digital insurance providers to act in their best interest before using their services. Second, the study 
concluded that the factor of risk significantly and negatively affects the intention to use InsurTech, indi-
cating that users are still worried about the outcome of using digital insurance services. Third, the study 
concluded that the factor of regulatory protection is an important factor that significantly affects the 
intention to use InsurTech, both directly and indirectly through the factors of trust and risk, suggesting 
that the factor of regulatory protection serves as an assurance for the use of digital insurance services 
rather than the attitude towards the technology.
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Based on the study, the following areas of further research can be identified: a focus should be placed 
on the actual use of InsurTech rather than the intention to use the technology; sample heterogeneity in 
terms of the age, digital literacy, claims experience, and type of insurance should be taken into account; 
longitudinal and quasi-experimental designs should be used to test the effect of the factors of regula-
tory protection, insurer transparency, and cybersecurity on trust and risk factors; other predictors of 
the intention to use InsurTech, such as perceived usefulness and service quality, should be considered 
to test if the benefits of using the technology become more important once the conditions of confidence 
and assurance are satisfied.

AUTHOR CONTRIBUTIONS

Conceptualization: Ayman Alkhazaleh.
Data curation: Ayman Alkhazaleh.
Formal analysis: Ayman Alkhazaleh.
Funding acquisition: Ayman Alkhazaleh.
Investigation: Ayman Alkhazaleh.
Methodology: Ayman Alkhazaleh.
Resources: Ayman Alkhazaleh.
Software: Ayman Alkhazaleh.
Validation: Ayman Alkhazaleh.
Visualization: Ayman Alkhazaleh.
Writing – original draft: Ayman Alkhazaleh.
Writing – review & editing: Ayman Alkhazaleh.

REFERENCES 

1. Abdeljawad, I., & Farhood, H. 
(2024). The determinants of profit-
ability of insurance companies: 
Evidence from developing coun-
tries. In Musleh Al-Sartawi, A. M. 
A., & Nour, A. I. (Eds.), Artificial 
Intelligence and Economic Sustain-
ability in the Era of Industrial 
Revolution 5.0. Studies in Systems, 
Decision and Control (Vol 528, pp. 
151-163). Cham: Springer. https://
doi.org/10.1007/978-3-031-56586-
1_11

2. Abdulla, Z. M., Isa, N. H., & Al-
Sartawi, A. (2024). The impact of 
technological advancements on 
insurance industry. In Musleh 
Al-Sartawi, A. M. A., Aydiner, A. 
S., & Kanan, M. (Eds.), Busi-
ness Analytical Capabilities and 
Artificial Intelligence-enabled 
Analytics: Applications and Chal-
lenges in the Digital Era (Vol. 2, pp. 
415-429). Cham: Springer. https://
doi.org/10.1007/978-3-031-57242-
5_34

3. Ahmad, A. K., Nahar, H. M., & 
Manajreh, M. M. N. (2023). Effect 
of social media on shaping the 

agenda of the communicator in 
the Jordanian TV channels. Middle 
East Journal of Communication 
Studies, 3(2), Article 3. (In Arabian). 
https://doi.org/10.71220/2585-003-
002-003

4. Akour, I., Alnazzawi, N., Alshuri-
deh, M., Almaiah, M. A., Al Kurdi, 
B., Alfaisal, R. M., & Salloum, S. 
(2022). A conceptual model for 
investigating the effect of privacy 
concerns on E-commerce adoption: 
A study on United Arab Emirates 
consumers. Electronics, 11(22), 
3648. https://doi.org/10.3390/elec-
tronics11223648

5. Alassaf, N., Manickam, S., Odeh, A., 
Arfeen, S. U., & Anbar, M. (2026). 
The future of AI in cybersecurity 
insurance. In Alawida, M., Almo-
mani, A., & Alauthman, M. (Eds.), 
Cybersecurity insurance frameworks 
and innovations in the AI Era (pp. 
139-178). IGI Global Scientific Pub-
lishing. https://doi.org/10.4018/979-
8-3373-1977-3.ch006

6. Al-Daoud, K. I., & Abu-AlSondos, 
I. A. (2025). Robust AI for finan-

cial fraud detection in the GCC: 
A hybrid framework for imbal-
ance, drift, and adversarial threats. 
Journal of Theoretical and Applied 
Electronic Commerce Research, 
20(2), Article 121. https://doi.
org/10.3390/jtaer20020121

7. Ali, H., & Morshed, A. (2024). 
Augmented reality integration in 
Jordanian fast-food apps: Enhanc-
ing brand identity and customer 
interaction amidst digital transfor-
mation. Journal of Infrastructure, 
Policy and Development, 8(5). 
https://doi.org/10.24294/jipd.
v8i5.3856

8. Al-Muntasir, M. (2022). The 
phenomenon of information 
flow from traditional and new 
media about the corona pandemic 
from the perspective of newly 
graduated media professionals 
in Yemen. Middle East Journal 
of Communication Studies, 2(2), 
Article 1. (In Arabian). https://doi.
org/10.71220/2585-002-002-005

9. Anning-Dorson, T. (2025). 
Balancing automation and trust: 



46

Insurance Markets and Companies, Volume 17, Issue 1, 2026

http://dx.doi.org/10.21511/ins.17(1).2026.03

The future of digital insurance in 
African markets. In Digital business 
transformation in Africa, volume 
II: Digital ecosystems, consumer 
experience, and engagement (pp. 
287-314). Palgrave Macmillan. 
https://doi.org/10.1007/978-3-031-
97210-2_12

10. Bharti, K., Agarwal, R., & Satsangi, 
A. K. (2024). The transformative 
service performance of InsurTech 
companies: Using PLS-SEM and 
IPMA approach for examining the 
purchase behavior of InsurTech 
customers. Journal of Financial Ser-
vices Marketing, 29(4), 1445-1463. 
https://doi.org/10.1057/s41264-
024-00275-7

11. Braun, A., & Jia, R. (2025). In-
surTech: Digital technologies in in-
surance. The Geneva Papers on Risk 
and Insurance – Issues and Practice, 
50(1), 1-7. https://doi.org/10.1057/
s41288-024-00344-x

12. Brokešová, Z., & Ondruška, T. 
(2025). Internal controls and 
insurance in Industry 5.0. In S. 
Grima, S. S. Kaleli, M. Baygin, & E. 
Boztepe (Eds.), Business challenges 
and opportunities in the era of 
Industry 5.0 (pp. 195-213). Emerald 
Publishing Limited. https://doi.
org/10.1108/978-1-83549-676-
320251011

13. Celestin, M., & Vanitha, N. (2022). 
The rise of “InsurTech”: Why tradi-
tional insurance is being disrupted. 
International Journal of Computa-
tional Research and Development, 
7(2), 83-91. https://doi.org/10.5281/
zenodo.16151286

14. Chand, A., Liu, D., Zulfiqar, M., 
Ullah, M. R., & Khan, M. J. (2025). 
Perceived quality in fintech ser-
vices: Expanding UTAUT2 and the 
DeLone and McLean information 
system success models. Business 
Process Management Journal. 
Advance online publication. https://
doi.org/10.1108/BPMJ-08-2024-
0754

15. Cheah, J.-H., Magno, F., & Cassia, F. 
(2024). Reviewing the SmartPLS 4 
software: The latest features and en-
hancements. Journal of Marketing 
Analytics, 12(1), 97-107. https://doi.
org/10.1057/s41270-023-00266-y

16. Chen, M.-S., & Liao, Y.-C. (2025). 
Applying the analytical hierarchy 

process to exploring demand 
and technology preferences in 
InsurTech: Focusing on consumer 
concerns. Engineering Proceedings, 
98(1), 6. https://doi.org/10.3390/
engproc2025098006

17. Cloarec, J., Meyer-Waarden, L., & 
Munzel, A. (2022). The person-
alization-privacy paradox at the 
nexus of social exchange and con-
strual level theories. Psychology & 
Marketing, 39(3), 647-661. https://
doi.org/10.1002/mar.21587

18. Dai, Y., Huang, Y.-H. C., Jia, W., & 
Cai, Q. (2022). The paradoxical 
effects of institutional trust on 
risk perception and risk manage-
ment in the Covid-19 pandemic: 
Evidence from three societies. 
Journal of Risk Research, 25(11-12), 
1337-1355. https://doi.org/10.1080
/13669877.2022.2108122

19. Dekkal, M., Arcand, M., Prom 
Tep, S., Rajaobelina, L., & Ricard, 
L. (2024a). Factors affecting user 
trust and intention in adopting 
chatbots: The moderating role of 
technology anxiety in insurtech. 
Journal of Financial Services Mar-
keting, 29(3), 699-728. https://doi.
org/10.1057/s41264-023-00230-y

20. DiMaggio, P. J., & Powell, W. W. 
(1983). The iron cage revisited: 
Institutional isomorphism and 
collective rationality in organiza-
tional fields. American Sociological 
Review, 48(2), 147-160. https://doi.
org/10.2307/2095101

21. Duong, C. D., Bui, D. T., Pham, 
H. T., Vu, A. T., & Nguyen, V. H. 
(2024). How effort expectancy 
and performance expectancy 
interact to trigger higher educa-
tion students’ uses of ChatGPT for 
learning. Interactive Technology 
and Smart Education, 21(3), 356-
380. https://doi.org/10.1108/ITSE-
05-2023-0096

22. Fakfare, P., Manosuthi, N., Lee, 
J.-S., Jin, M., Han, H., & Kim, J. 
J. (2024). Data vulnerability and 
privacy risk among hotel guests 
who share personal data. Journal 
of Vacation Marketing. Advance 
online publication. https://doi.
org/10.1177/13567667241276213

23. Fu, C.-J., Silalahi, A. D. K., Shih, 
I.-T., Phuong, D. T. T., Eunike, I. J., 
& Jargalsaikhan, S. (2024). Assess-

ing ChatGPT’s information quality 
through the lens of user informa-
tion satisfaction and information 
quality theory in higher education: 
A theoretical framework. Human 
Behavior and Emerging Technolo-
gies, 2024(1), 8114315. https://doi.
org/10.1155/2024/8114315

24. Horvey, S. S., Godspower-Akpo-
miemie, E., & Asare Boateng, R. 
(2025). An empirical evaluation 
of the technology acceptance 
model for peer-to-peer insurance 
adoption: Does income really mat-
ter? Journal of Risk and Financial 
Management, 18(4), 209. https://
doi.org/10.3390/jrfm18040209

25. Hussein, Y. J. M. (2025). The im-
pact of emerging technology risks 
on the performance of insurance 
companies in emerging markets. 
International Journal of Environ-
mental Sciences, 11(5s), 493-515. 
https://doi.org/10.64252/3cvyry21

26. Ismagilova, E., Hughes, L., Rana, 
N. P., & Dwivedi, Y. K. (2022). 
Security, privacy and risks within 
smart cities: Literature review and 
development of a smart city in-
teraction framework. Information 
Systems Frontiers, 24(2), 393-414. 
https://doi.org/10.1007/s10796-
020-10044-1

27. Ismail, M. N., Jameel, S. H., Al-
Zeyadi, B. K. A., Saeed, A. M., 
Salman, S. M., Dakov, S., & Ali, 
H. (2024). Investigating three 
digital transformation theories 
TAM, TTF, and UTAUT. In 2024 
36th Conference of Open In-
novations Association (FRUCT) 
(pp. 538-548). Retrieved from 
https://ieeexplore.ieee.org/docu-
ment/10749924

28. Jaber, J. J., Alzwi, A. S., Alkha-
waldeh, A. K., Mohammad 
Alhjahja, S. N., & Shatnawi, Y. 
(2025). Evaluating the impact 
of Insurtech-driven technology 
risks on insurer performance 
using a vanilla neutrosophic logic 
model. International Journal of 
Neutrosophic Science, 26(4), 94-
112. https://doi.org/10.54216/
IJNS.260410

29. Jreissat, E. R., Khrais, L. T., 
Salhab, H., Ali, H., Morshed, 
A., & Dahbour, S. (2024). An 
in-depth analysis of consumer 



47

Insurance Markets and Companies, Volume 17, Issue 1, 2026

http://dx.doi.org/10.21511/ins.17(1).2026.03

preferences, behavior shifts, and 
barriers impacting IoT adoption: 
Insights from Jordan’s telecom 
industry. Applied Mathematics 
& Information Sciences, 18(2), 
271-281. https://doi.org/10.18576/
amis/180207

30. Kalnins, A., & Praitis Hill, K. 
(2025). The VIF score. What is 
it good for? Absolutely noth-
ing. Organizational Research 
Methods, 28(1), 58-75. https://doi.
org/10.1177/10944281231216381

31. Kim, E., & Kim, Y. (2025). De-
terminants of user acceptance of 
digital insurance platform service 
on InsurTech: An empirical study 
in South Korea. Asian Journal of 
Technology Innovation, 33(1), 45-
75. https://doi.org/10.1080/197615
97.2024.2337629

32. Köhne, T., & Köhne, M. (2024). 
Uncovering the impact of digi-
talization on the performance of 
insurance distribution. Risks, 
12(8), 129. https://doi.org/10.3390/
risks12080129

33. Krishna, B., Krishnan, S., & Sebas-
tian, M. P. (2025). Understanding 
the process of building institution-
al trust among digital payment us-
ers through national cybersecurity 
commitment trustworthiness cues: 
A critical realist perspective. Infor-
mation Technology & People, 38(2), 
714-756. https://doi.org/10.1108/
ITP-05-2023-0434

34. Lee, Y., & Yim, H. (2025). Trends 
in InsurTech development in 
Korea: A news media analysis of 
key technologies, players, and 
solutions. Administrative Sciences, 
15(1), 25. https://doi.org/10.3390/
admsci15010025

35. Lessambo, F. I. (2023). Banking 
regulation and fintech challenges. 
In Lessambo, F. I., Fintech regula-
tion and supervision challenges 
within the banking industry: A 
comparative study within the G-20 
(pp. 1-26). Palgrave Macmillan. 
https://doi.org/10.1007/978-3-
031-25428-4_1

36. Liu, Y., Huang, L., Yan, W., Wang, 
X., & Zhang, R. (2022). Privacy 
in AI and the IoT: The privacy 
concerns of smart speaker users 
and the Personal Information 
Protection Law in China. Telecom-

munications Policy, 46(7), 102334. 
https://doi.org/10.1016/j.tel-
pol.2022.102334

37. Mashatan, A., Sangari, M. S., 
& Dehghani, M. (2022). How 
perceptions of information 
privacy and security impact 
consumer trust in crypto-
payment: An empirical study. 
IEEE Access, 10, 69441-69454. 
https://doi.org/10.1109/AC-
CESS.2022.3186786

38. Mik, E. (2025). Smart contracts 
and the “Oracle Problem” in 
the context of InsurTech. In 
Poncibò, C., & Tereszkiewicz, P. 
(Eds.), European insurance law 

within the digital age (pp. 255-
276). Cham: Springer. https://doi.
org/10.1007/978-3-031-96496-
1_12

39. Morshed, A. (2024a). Comparative 
analysis of accounting standards 
in the Islamic banking industry: A 
focus on financial leasing. Journal 

of Islamic Accounting and Business 

Research, 17(1), 59-73. https://doi.
org/10.1108/JIABR-12-2022-0349

40. Morshed, A. (2024b). Evaluating 
the effects of IFRS 9 on Jordanian 
banks’ credit and financial metrics. 
Banks and Bank Systems, 19(4), 
70-83. https://doi.org/10.21511/
bbs.19(4).2024.06

41. Morshed, A. (2024c). Evaluat-
ing the influence of advanced 
analytics on client management 
systems in UAE telecom firms. 
Innovative Marketing, 20(4), 
41-51. https://doi.org/10.21511/
im.20(4).2024.04

42. Morshed, A. (2025a). Cultural 
norms and ethical challenges in 
MENA accounting: The role of 
leadership and organizational 
climate. International Journal of 

Ethics and Systems, 41(3), 630-
656. https://doi.org/10.1108/
IJOES-08-2024-0247

43. Morshed, A. (2025b). Ethical chal-
lenges in designing sustainable 
business models for responsible 
consumption and production: 
Case studies from Jordan. Man-

agement & Sustainability: An Arab 

Review, 5(1), 86-108. https://doi.
org/10.1108/MSAR-09-2024-0131

44. Morshed, A. (2025c). Navigating 
tradition and modernity: Digital 
accounting and financial integra-
tion in family-owned enterprises 
in the Arab Gulf. Sustainable 

Futures, 9, 100680. https://doi.
org/10.1016/j.sftr.2025.100680

45. Morshed, A. (2025d). Sustainable 
energy revolution: Green finance 
as the key to the Arab Gulf States’ 
future. International Journal of 

Energy Sector Management, 20(2), 
556-577. https://doi.org/10.1108/
IJESM-10-2024-0007

46. Morshed, A., & Khrais, L. T. 
(2025). Cybersecurity in digital ac-
counting systems: Challenges and 
solutions in the Arab Gulf Region. 
Journal of Risk and Financial 

Management, 18(1), 41. https://doi.
org/10.3390/jrfm18010041

47. Morshed, A., Maali, B., Ramadan, 
A., Ashal, N., Zoubi, M., & Allah-
ham, M. (2024a). The impact of 
supply chain finance on financial 
sustainability in Jordanian SMEs. 
Uncertain Supply Chain Manage-

ment, 12(4), 2767-2776. https://
doi.org/10.5267/j.uscm.2024.4.025

48. Morshed, A., Ramadan, A., Maali, 
B., Khrais, L. T., & Baker, A. A. R. 
(2024b). Transforming account-
ing practices: The impact and 
challenges of business intelligence 
integration in invoice processing. 
Journal of Infrastructure, Policy 

and Development, 8(6). https://doi.
org/10.24294/jipd.v8i6.4241

49. Oreqat, A. (2021). The degree of 
satisfaction of Facebook users 
about its features, usage motives 
and achieved gratifications: An 
applied study on students of the 
Faculty of Mass Communication 
at the Middle East University 
to attract attention. Middle East 

Journal of Communication Stud-

ies, 1(1), Article 1. (In Arabian). 
https://doi.org/10.71220/2585-
001-001-001

50. Othman, M. (2025). Evolving 
financial practices in family enter-
prises: The impact of generational 
dynamics on digital transfor-
mation in Jordan. Investment 

Management & Financial Innova-

tions, 22(2), 141-154. https://doi.
org/10.21511/imfi.22(2).2025.12



48

Insurance Markets and Companies, Volume 17, Issue 1, 2026

http://dx.doi.org/10.21511/ins.17(1).2026.03

51. Prince, C., Omrani, N., Maalaoui, 
A., Dabic, M., & Kraus, S. (2021). 
Are we living in surveillance so-
cieties and is privacy an illusion? 
An empirical study on privacy 
literacy and privacy concerns. 
IEEE Transactions on Engineer-
ing Management, 70(10), 3553-
3570. https://doi.org/10.1109/
TEM.2021.3092702

52. Raddatz, N., Coyne, J., Menard, P., 
& Crossler, R. E. (2023). Becoming 
a blockchain user: Understanding 
consumers’ benefits realisation to 
use blockchain-based applications. 
European Journal of Informa-
tion Systems, 32(2), 287-314. 
https://doi.org/10.1080/096008
5X.2021.1944823

53. Rahimi, R. A., & Oh, G. S. (2025). 
Beyond theory: A systematic re-
view of strengths and limitations 
in technology acceptance models 
through an entrepreneurial lens. 
Journal of Marketing Analyt-
ics, 13(4), 1195-1218. https://doi.
org/10.1057/s41270-024-00318-x

54. Ramadan, A., & Morshed, A. 
(2024). Impact of international ac-
counting standards on Hungary’s 
financial transparency. Investment 
Management and Financial In-
novations, 21(4), 11-24. https://doi.
org/10.21511/imfi.21(4).2024.02

55. Salzberger, A. (2025). An empiri-
cal analysis of the behavioral influ-
ences and information sources 
affecting the cyber insurance 
decisions of German SMEs. The 
Journal of Risk Finance, 26(2), 
213-240. https://doi.org/10.1108/
JRF-05-2024-0151

56. Sangari, M. S., & Mashatan, A. 
(2024). What is driving consumer 
resistance to crypto-payment? 
A multianalytical investigation. 
Psychology & Marketing, 41(3), 
575-591. https://doi.org/10.1002/
mar.21935

57. Shaban, O. S., & Omoush, A. 
(2025). AI-driven financial 
transparency and corporate 
governance: Enhancing account-
ing practices with evidence from 
Jordan. Sustainability, 17(9), 
3818. https://doi.org/10.3390/
su17093818

58. Singhal, N., Goyal, S., & Singhal, 
T. (2024). Emerging trends in 

regulatory and legal frameworks 
for decentralized insurance. In 
Singhal, N., Goyal, S., & Singhal, 
T., Potential, risks, and ethical 
implications of decentralized 
insurance (pp. 211-260). Palgrave 
Macmillan Singapore. https://doi.
org/10.1007/978-981-97-5894-4_5

59. Soleymanian, M., Weinberg, C. B., 
& Zhu, T. (2025). Insurtech, sensor 
data, and changes in customers’ 
coverage choices: Evidence from 
usage-based automobile insur-
ance. Journal of Risk and Insur-
ance, 92(1), 227-256. https://doi.
org/10.1111/jori.12490

60. Sukma, N., & Yamnill, S. (2025). 
Unlocking the future of insurance: 
The power of open data, digital 
transformation, and human talent. 
Human Resource Development 
Quarterly. Advance online pub-
lication. https://doi.org/10.1002/
hrdq.70002

61. Szpruch, L., Orfanoudaki, A., 
Maple, C., Wicker, M., Bengio, 
Y., Lam, K.-Y., & Detyniecki, M. 
(2025). Insuring AI: Incentivis-
ing safe and secure deployment 
of AI workflows. SSRN Electronic 
Journal. https://doi.org/10.2139/
ssrn.5505759

62. Taqa, S. B. A. (2025). The mediat-
ing role of remote communication 
on the relationship between elec-
tronic human resource manage-
ment practices and organizational 
performance in Iraqi commercial 
banks. Middle East Journal of 
Communication Studies, 5(1), 
Article 2. (In Arabian). https://doi.
org/10.71220/2585-005-001-001

63. Thamtarana, K., & Sornsaruht, 
P. (2024). Antecedents to Thai 
consumer insurance policy 
purchase intention: A struc-
tural equation model analysis. 
SAGE Open, 14(1). https://doi.
org/10.1177/21582440241239474

64. Wei, A., Abdul Talib, Y. Y., & 
Sharif, Z. (2025). Comparative 
analysis of digital health insurance 
platform adoption among urban-
rural users: A UTAUT and finan-
cial literacy integration perspec-
tive. Digital Health, 11. https://doi.
org/10.1177/20552076251346656

65. Zarifis, A., & Cheng, X. (2022). 
A model of trust in Fintech and 

trust in Insurtech: How artifi-
cial intelligence and the context 
influence it. Journal of Behavioral 
and Experimental Finance, 36, 
100739. https://doi.org/10.1016/j.
jbef.2022.100739

66. Zhang, R., Liu, S., Yang, C., & 
Yang, R. (2025). The dark side of 
mitigating risk: Directors’ and 
officers’ liability insurance and un-
ethical business behavior. China 
Finance Review International, 1-35. 
https://doi.org/10.1108/CFRI-07-
2024-0436



49

Insurance Markets and Companies, Volume 17, Issue 1, 2026

http://dx.doi.org/10.21511/ins.17(1).2026.03

APPENDIX A

SECTION A. Survey questionnaire: Determinants of InsurTech 
adoption in Jordan

(Trust, perceived risk, and perceived regulatory protection)
Survey Instrument: Determinants of InsurTech Adoption in Jordan
(Trust, Perceived Risk, and Perceived Regulatory Protection)

The purpose of this questionnaire is to measure the intention of policyholders to use InsurTech services 
in Jordan, in addition to identifying the factors of trust, perceived risk, and perceived protection that 
influence this intention; in this study, the term “InsurTech services” is defined as the use of insurers’ 
websites, mobile applications, or other online platforms to seek quotations, buy or renew policies, seek 
information about policies, submit claims, or track the status of claims, and unless otherwise indicated, 
the scale used to rate the responses is 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = 
Strongly Agree, while Section A is used to seek consent and establish the respondents’ eligibility.

SECTION B

Table B1. Consent and eligibility

Item Question Response 

Options
A1 I have read the study information and agree to participate voluntarily. Yes / No
A2 Are you 18 years old or above? Yes / No
A3 Do you live in Jordan? Yes / No
A4 Do you currently have at least one active insurance policy? Yes / No
A5 Have you used, or do you plan to use, a digital insurance service within the next six months? Yes / No
A6 Attention check: Please select “Agree (4)” for this item. Agree (4)

SECTION C. Main questionnaire items

Please indicate your agreement with each statement about using InsurTech services in Jordan.

Table C1. InsurTech adoption intention (INT)

Item 

code
Statement Scale (1-5)

INT1 I intend to use InsurTech services (website/app/platform) for my insurance needs in the near future. 1 2 3 4 5
INT2 I will likely use InsurTech services for purchasing or renewing insurance policies when available. 1 2 3 4 5
INT3 I plan to use InsurTech services for insurance servicing (e.g., policy information, payments, endorsements). 1 2 3 4 5
INT4 If I need to make a claim, I intend to use digital channels (app/website/platform) to submit or track the claim. 1 2 3 4 5

Table C2. Trust in InsurTech providers and digital processes (TRU)

Item 

code
Statement Scale (1-5)

TRU1 I trust insurers’ digital channels (apps/websites/platforms) to work reliably when I need them. 1 2 3 4 5
TRU2 I believe insurers using InsurTech are competent in delivering insurance services through digital channels. 1 2 3 4 5
TRU3 I believe insurers will handle claims fairly, even when the process is digital/automated. 1 2 3 4 5
TRU4 I trust that the information I receive through InsurTech channels is accurate and transparent. 1 2 3 4 5
TRU5 Overall, I feel confident relying on InsurTech services for important insurance transactions. 1 2 3 4 5
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Table C3. Perceived risk of using InsurTech (RISK)

Item 

code
Statement Scale (1-5)

RISK1 I worry that my personal information could be misused if I use InsurTech services 1 2 3 4 5
RISK2 I worry about unauthorized access or cyberattacks when using digital insurance channels 1 2 3 4 5
RISK3 I worry that digital/automated processes could lead to unfair claim decisions or claim delays 1 2 3 4 5
RISK4 I worry that mistakes in digital systems could cause financial loss or coverage problems for me. 1 2 3 4 5
RISK5 Overall, using InsurTech services feels risky for me. 1 2 3 4 5

Table C4. Perceived regulatory protection for digital insurance (REG)

Item 

code
Statement Scale (1-5)

REG1 I believe regulators in Jordan provide effective protection for consumers using digital insurance services 1 2 3 4 5

REG2 I believe there are clear and enforceable rules that require insurers to treat policyholders fairly in digital 
transactions 1 2 3 4 5

REG3 If a problem happens with InsurTech services, I believe I can obtain effective complaint handling and recourse 1 2 3 4 5
REG4 I believe regulatory supervision reduces fraud and misconduct in digital insurance services 1 2 3 4 5

SECTION D. Respondent profile (sample descriptors)

D1. Gender: Male, Female, or Prefer not to say.
D2. Age category: 18-29, 30-39, 40-49, or 50 and above.
D3. Level of education: Diploma or less, Bachelor’s degree, or Postgraduate qualification.
D4. Primary type of insurance: Motor, Medical, Life, Property, or Other.
D5. Previous experience with digital insurance: Yes, or No (intention only).
D6. Optional: Level of digital literacy – Low, Moderate, or High.
D7. Optional: Previous claim experience in the last 3 years – Yes, or No.

APPENDIX B

HYPOTHESES AND CONSTRUCT MAPPING  

(FOR THE RESEARCHER)
H1: TRU → INT (Trust → InsurTech Adoption Intention).

H2: RISK → INT (Perceived Risk → InsurTech Adoption Intention).

H3: REG → INT (Regulatory Protection → InsurTech Adoption Intention).

H4: REG → TRU (Regulatory Protection → Trust).

H5: REG → RISK (Regulatory Protection → Perceived Risk).

H6: REG → TRU → INT (Trust as a Mediating Variable for the Relationship Between Regulatory 
Protection and InsurTech Adoption Intention).

H7: REG → RISK → INT
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