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Abstract

Investments such as technological investments in useful marketing intelligence are 
an important organizational challenge because companies raise the pace of their 
digital transformation activities. The research is based on the Resource-Based View 
and Dynamic Capabilities Theory and aims to investigate how the data on important 
organizational and technological enablers’ data-driven culture, technological readi-
ness, top management support, and marketing analytics maturity influence Business 
Intelligence (BI) capability in marketing functions. The primary data were gathered 
between February and May 2025 with the help of a structured online survey among the 
marketing managers, BI specialists, analytics professionals, and IT decision-makers, 
working in Amman, Irbid, Zarqa, and Aqaba, Jordan. Based on a purposive sampling 
technique, 602 valid responses were interpreted with the help of Partial Least Squares 
Structural Equation Modeling (PLS-SEM). The findings show that Marketing Analytics 
Maturity has the most significant impact on BI capability (β = 0.367, p = 0.001), then 
Data Culture (β = 0.321, p = 0.001) and Technological Readiness (β = 0.287, p = 0.01). 
The positive, relatively weak effect (β = 0.224, p < 0.05) is demonstrated by Technology 
Readiness. The structural model shows significant explanatory power and explains 78.1 
percent of the variance on BI capability. Such results indicate that building BI capa-
bilities among emerging market companies is not as much about acquiring technology, 
but rather about integrating managerial support and analytics maturity, which empha-
sizes the importance of readiness in an organization in changing digital investments 
into the value of marketing intelligence.

Mohammad Mahmoud Saleem Alzubi (Jordan), Abdelaziz Saleh Mohammad (Jordan)

Strategic enablers of business Strategic enablers of business 

intelligence in marketing: intelligence in marketing: 

Insights from the digital Insights from the digital 

transformation  transformation  

of Jordanian firmsof Jordanian firms

Received on: 22nd of October, 2025
Accepted on: 2nd of April, 2026
Published on: 16th of April, 2026

INTRODUCTION

The growing accessibility of digital data has radically altered the pro-
cess of marketing decision-making, modifying organizational expec-
tations of descriptive reporting on the practice of predictive and pre-
scriptive analytics that are utilized to support the strategic planning 
and customer engagement (Figueiredo et al., 2025; Leung et al., 2025). 
As part of this shift, Business Intelligence (BI) systems have come to 
the forefront of the contemporary marketing management, where they 
provide tools to transform the scattered information into actionable 
insights (Alhur et al., 2025; Chen et al., 2025). Companies of all sectors 
are thus reinforcing the use of BI technologies in larger digital trans-
formation plans (Martins et al., 2025). Even with such investments, 
most organizations have failed to achieve strategic value of BI in mar-
keting situations. Even the previous literature indicates that BI initia-
tives often fail not due to the inability of technologies, but because of 
the organizational factors including the lack of managerial dedication, 
the lack of analytical skills, or the lack of data-oriented culture (Exner 
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& Zunic, 2025; Chongwatpol, 2025). The failure of the marketing functions to incorporate the outputs 
of analytical processes as part of the normal decision-making process inhibits the role of BI in creating 
competitive advantage when BI is more of a technical infrastructure than an organizational capability 
(AL-maaitah, 2025).

These issues are especially relevant in the case of new market settings, where the quality of digital in-
frastructure, the institutional maturity, and the availability of analytical skills are not evenly spread 
(Touijer & Elabjan, 2025). Even though the adoption of BI in developed economies is deeply researched, 
empirical data in the emerging markets is quite scarce (Caiado et al., 2025). Moreover, a significant por-
tion of the existing literature explores determinants of BI success alone, which does not provide much 
information concerning the interplay of organizational, technological, and analytical enablers in the 
formation of BI capability in marketing domains (Hasan et al., 2026). As a result, a crucial scientific is-
sue is that although the significance of organization preparedness and technological infrastructure to 
BI adoption is universally recognized, the mediating process by which these two enablers collaborate to 
create marketing-related BI capability in the emerging market enterprises is not clearly comprehended. 
It is imperative to fill this gap as a way to broaden theoretical insights on the development of digital 
capabilities as well as to inform companies on how to turn data resources into strategic marketing 
information.

1. LITERATURE REVIEW  

AND HYPOTHESES

The creation of Business Intelligence (BI) capabil-
ity in the marketing functions of modern business 
settings has steadily evolved to be a strategic busi-
ness need of the organization rather than a purely 
technical effort in the modern business landscape 
that is data intensive. Marketing units are pro-
gressively anticipated to create foresight and pre-
scriptive understandings that meet the quality of 
decision-making process, customer interactions 
and competitive responsiveness. Nevertheless, 
earlier research always points to the fact that the 
effectiveness of BI projects cannot be explained 
by the technological advanced level only; instead, 
it is a result of the interplay between the organi-
zational culture, management dedication, tech-
nological base, and data maturity (Hmoud et al., 
2023; Golestanizadeh et al., 2023; Alzubi , 2025; 
Alobaydi et al., 2025). The change echoes an in-
creasing agreement that BI capability is a multidi-
mensional organizational competence as opposed 
to an information system on its own.

The existence of a data-driven culture is a key or-
ganizational precursor of BI capability, which can 
be described as a set of shared values, norms, and 
routines that facilitate the decision-making pro-
cess based on evidence and the use of systemat-
ic data (Abu-AlSondos, 2025; Mohammed et al., 

2024; Alkhwaldi, 2024). The experimental data 
indicate that companies with strong data cul-
tures have more BI adoption and more analytics 
are engrained in their regular marketing prac-
tices and are more dedicated to the development 
of analytical skills (Ghafoori et al., 2024; Hmoud 
et al., 2023). Conversely, weak data cultures tend 
to create a notoriously surface level BI utilization 
where the systems are used to report but not to 
shape the strategic marketing choices (Cadden et 
al., 2023; Abubakar et al., 2025; Atieh et al., 2023). 
Additionally, the culture of data improves organi-
zational learning because it allows marketers to 
test assumptions, measure the effectiveness of their 
campaigns, and change strategies based on real 
experience (Kazemi & Soltani, 2024). Altogether, 
these results denote that the cultural preparedness 
is one of the preliminary conditions of developing 
BI competency within marketing functions.

In addition to cultural influences, the quality of 
technological infrastructure to facilitate data in-
tegration and analytics determines the success 
of BI initiatives to a large extent. Technological 
infrastructure includes data warehousing sys-
tems, analytics platforms, dashboards, and re-
al-time processing tools, their compatibility, as 
well as scalability (Ragazou et al., 2023; Bao et 
al., 2023). Previous research underlines the fol-
lowing importance of solid infrastructure: it will 
allow marketing departments to combine the 
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diversity of data sources, such as customer rela-
tionship management systems, social media plat-
forms, web analytics, and external data providers 
(Brewis et al., 2023). On the other hand, poor or 
incomplete infrastructure causes slow analysis, 
data discrepancies, and unreliable information, 
which restricts the strategic value of BI systems 
(Qatawneh & Al-Okaily, 2024). The importance 
of the strategic role of BI in marketing decisions 
is further supported by the recent empirical 
studies showing that scalable and flexible digi-
tal structures contribute to the responsiveness of 
the organization to the market environment and 
the changing consumer behavior (Raman et al., 
2024; Wang et al., 2024).

Another important antecedent of BI capability 
development is managerial commitment. Top 
management supports the levels at which se-
nior leaders are actively involved in supporting 
the BI initiatives in terms of resource utiliza-
tion, strategic prioritization, and promotion of 
the practices of data-driven decisions (Ragazou 
et al., 2023; Syalevi et al., 2024). The involvement 
of leadership will indicate the significance of BI 
as a strategic tool to the marketing units, which 
will facilitate the alignment of the organization 
and facilitate user adoption. The empirical re-
search shows that the top management needs to 
be engaged throughout the BI implementation 
and throughout the system value and contin-
ued use (Kongthanasuwan et al., 2023). The ac-
tive use of BI dashboards, support of evidence-
based discussion, and alignment between BI 
programs and corporate goals will help senior 
leaders to provide an environment in which ana-
lytical decision-making becomes possible (Kyaw 
et al., 2023). Besides, transformational leader-
ship has been demonstrated to defuse resistance 
to change through a clear data-driven marketing 
transformation vision (Olaniyi et al., 2023).

Besides the organizational and management 
factors, there is the maturity of the marketing 
analytics in the firm which also affects the BI 
capability. Marketing analytics maturity indi-
cates how far organizations have progressed to 
have established or organized processes, tech-
nical skills, and governance structures of so-
phisticated data analysis and interpretation 
(Ramalingam et al., 2024). This level of maturity 

is also not limited to the process of collecting 
data but also to the process of forecasting, mod-
el validation, experimentation and continuous 
performance evaluation. According to previous 
studies, organizations having a higher analyt-
ics maturity level are in a better position to en-
sure that they take advantage of the BI tools as 
they have the analytical mind and technical ca-
pabilities of converting the visual outputs into 
actionable marketing tactics (Rigamonti et al., 
2024; Shiau et al., 2023). Continuous learning 
and adaptive targeting that are required in an 
ever-changing and competitive marketing en-
vironment are also supported by analytics ma-
turity. Although available literature recognizes 
the personal significance of data-oriented cul-
ture, technological infrastructure, leadership 
support, and analytics maturity, these anteced-
ents are often studied independently. Marketing 
BI capability, nevertheless, develops because of 
a relation between cultural preparedness, man-
agement dedication, technology assets, and 
analytical skills. There is still scarce empirical 
evidence based on emerging market contexts es-
pecially on integrated models that study these 
enablers as a cluster. To fill this gap, the current 
paper formulates and experiments a holistic 
model where the culture of organizational data 
is driven, the technological infrastructure, the 
support of top management, and the maturity 
of marketing analytics converge to determine BI 
capacity in the marketing functions of compa-
nies operating in Jordan. The following are the 
hypotheses that can be made based on the re-
viewed literature:

H1: Organizational Data Culture has a signifi-
cant positive relationship with Business 
Intelligence capabilities in marketing.

H2: Technological Infrastructure has a signifi-
cant positive relationship with Business 
Intelligence capabilities in marketing.

H3: Leadership Support has a significant positive 
relationship with Business Intelligence capa-
bilities in marketing.

H4: Analytics Maturity has a significant positive 
relationship with Business Intelligence capa-
bilities in marketing.
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2. METHODOLOGY

The research design used in the study was a quan-
titative study in which the antecedents of Business 
Intelligence (BI) capability in the organization 
and technology were investigated in relation to 
the marketing functions. The structural relation-
ships were tested using quantitative approaches to 
provide empirical support and support an analyti-
cal rigour with the help of descriptive, inferential, 
and multivariate statistics. The research concep-
tualization was created upon a comprehensive re-
view of the previous literature related to the topic 
of organizational data-driven culture, technologi-
cal readiness, leadership support, analytics ma-
turity, roles in the formation of BI capability in 
marketing situations (Gordon & Thompson, 2024; 
Pour et al., 2023; Ali et al., 2021; Nasiri et al., 2020; 
Almajali et al., 2016).

The structured, self-administered questionnaire 
based on validated measurement instruments was 
used to collect primary data to guarantee con-
tent validity (Alrifae, 2025). The sample size was 
composed of marketing experts, analytics special-
ists, and BI-related decision-makers working in 
the medium-sized and large companies, based in 
Jordan. The empirical context was Jordan because 
of the country being an emerging market with the 
current development of digital infrastructure and 
the growing use of marketing technologies. The 
data were collected in terms of firms in Amman, 
Irbid, Zarqa and Aqaba which are the main tech-
nological and commercial hubs in the country.

Since there is no detailed sampling frame, the 
non-probability convenience sampling method 
was used. The infinity formula was used in deter-
mining the minimum required sample size with 
the confidence level of 95 percent and a margin 
of error of 5 percent, which gives the threshold of 
400 respondents (Mahmoud, 2026; Sharabati et 
al., 2024; Obaid et al., 2022). The 850 online study 
questionnaires were sent to professional networks, 
such as LinkedIn, marketing forums, and organi-
zational email databases, to cover the possibilities 
of non-response and data screening losses. The 
collection of the data was made in the period of 
March 15 and May 10, 2025. Screening and valida-
tion of data saw 602 useful responses retained to 
be analyzed.

The respondents were digitally literate and profes-
sionally experienced employees, and their school-
ing level was diploma to doctorate level. The sur-
vey was conducted voluntarily, and the academic 
value of the study was informed to the respon-
dents before they participated. No personally 
identifiable data were taken and anonymity and 
confidentiality were ensured. Answering the ques-
tionnaire was considered as an informed consent.

Multi-item scales adapted to other previously 
tested scales were the operationalization of all 
the study constructs. The scales of organizational 
data-driven culture and technological infrastruc-
ture were assessed by means of scales suggested by 
Nasiri et al. (2020). The level of top management 
support was evaluated based on the instrument 
created by Almajali et al. (2016), whereas the level 
of marketing analytics maturity was determined 
with the help of the items modified by Pour et al. 
(2023). The dependent variable was BI capability 
in marketing, which was measured based on re-
phrased items based on Yiu et al. (2020). Each of 
the measurement items was allocated to the five-
point Likert scale ranging between 1 (strongly dis-
agree) and 5 (strongly agree), while certain words 
were slightly changed to make it easier to under-
stand and more context-specific.

Before the testing of the hypothesis, missing val-
ues, outliers, multicollinearity and normality as-
sumptions were tested in the dataset. The SPSS 
version 25 was used to produce the descriptive sta-
tistics. Confirmatory Factor Analysis (CFA) and 
Structural Equation Modeling (SEM) was used 
to perform measurement and structural model 
analyses with AMOS version 24. Cronbachs alpha 
and Composite Reliability (CR) were used to test 
construct reliability whereas Average Variance 
Extracted (AVE) was used to test convergent va-
lidity. The Fornell-Larcker criterion was used to 
determine discriminant validity (Alzubi, 2025; 
Ali et al., 2024). The Kaiser-Meyer-Olkin (KMO) 
measure and the test of sphericity by Bartlett were 
used to establish the sampling adequacy. The fit 
of the model was measured against the criteria 
of goodness-of-fit in the form of CMIN/DF, GFI, 
AGFI, CFI, TLI and RMSEA (Mahmoud et al., 
2025; Marei,2023; Ibrahim et al., 2021). The struc-
tural model was then estimated to show the hy-
pothesized relationships between organizational 
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data-driven-based culture, top-management sup-
port, marketing analytics maturity and BI capabil-
ity in marketing. Out of 715 responses, 602 valid 
questionnaires were retained after the screening: 
1) completeness and consistency screening and 2) 
analysis was conducted on valid responses The de-
mographic profile of the respondents is represent-
ed in Table 1. The sample was composed of 61.3% 
males (n = 369) and 38.7% females (n = 233). Most 
of the respondents were found to be aged 30-39 
years (43.4), 40-49 years (22.6), 20-29 years (17.1) 
and 50 years and above (16.9). Education wise, 
most of them had a bachelor (39.0%), followed by a 
diploma or less (13.1%), masters (10.6%) and doc-
torate (4.0%). The largest percentage (52.1) was be-
tween 1,001 – 1,500 JOD monthly income.

3. RESULTS

The findings are presented in an orderly way in 
this section, among which are respondent charac-
teristics, descriptive statistics, reliability and va-
lidity analyses of the measurement model, struc-
tural model-fit evaluation, and hypothesis testing 
outcomes (Tables 2-6).

Table 2 presents internal consistency reliability 
and descriptive statistics. The mean values were 
3.41 with the lowest value of 3.87 with a tendency 
of positive perceptions on BI capability and its an-
tecedents. BI Capability had the largest mean (M = 
3.87, SD = 0.58), and Leadership Support had the 
lowest mean (M = 3.41, SD = 0.73). Internal con-
sistency reliability was also satisfactory, with the 

values of Cronbach’s Alpha -0.867 to 0.901 com-
pared to the recommended value of 0.70 as an ac-
ceptable value of reliability (Nunnally, 1978; Hair 
et al., 2014).

Measurement model was tested with the help of 
Confirmatory Factor Analysis (CFA). According 
to Table 3, Composite Reliability (CR) was ob-
served to be between 0.83 and 0.91, which is above 
the recommended level of 0.70 to construct reli-
ability (Fornell & Larcker, 1981; Hair et al., 2014). 
The support of convergent validity was also justi-
fied because Average Variance Extracted (AVE) 
values were between 0.58 and 0.67, which was 
higher than the minimum required level of 0.50 
(Fornell & Larcker, 1981). The reliability of the in-
dicators was also good, with the factor loading of 
0.64 to 0.86, which is higher than the recommend-
ed 0.60 (Hair et al., 2014).

Inter- construct correlations were used to test 
discriminant validity (Table 4). All the correla-
tion was positive and significant at p < 0.01. BI 
Capability and Analytics Maturity (r = 0.703) and 
BI Capability and Data Culture (r = 0.671) had the 
strongest association. No correlation was found 
to have a correlation that surpassed the conser-
vative value of 0.80, which would indicate that, 
there was no multicollinearity (Tabachnick & 
Fidell, 2007).

Table 5 presents structural model fit indices, which 
reveal that the model is adequately fit. The value 
of CMIN/DF was 2.344, which is lower than the 
suggested maximum of 3.0 (Hair et al., 2014). The 

Table 1. Demographic characteristics

Variable Category Frequency Percentage

Gender
Male 369 61.3%

Female 233 38.7%

Age Group

20 – less than 30 years 108 17.1%

30 – less than 40 years 275 43.4%

40 – less than 50 years 143 22.6%

50 years and above 107 16.9%

Education Level

Diploma or below 83 13.1%

Bachelor’s degree 247 39.0%

Master’s degree 67 10.6%

Doctorate 25 4.0%

Monthly Income (JOD)

Less than 500 JOD 51 8.1%

501 – 1,000 JOD 102 16.1%

1,001 – 1,500 JOD 330 52.1%

1,501 – 2,000 JOD 150 23.7%
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RMSEA was 0.045, which was less than the value 
of 0.08 meaning that the model is a good approxi-
mation (Browne & Cudeck, 1993). Incremental fit 
indices were also not within regarded levels (CFI = 
0.948; TLI = 0.939; GFI = 0.927), which proves that 
the structural model fits well (Hu & Bentler, 1999).

The results of hypothesis testing are found in Table 
6. All the postulated relationships were at the sig-
nificant level (p < 0.001) BI Capability was posi-

tively influenced by Data Culture (β = 0.321, SE 
= 0.05, CR=6.42) which confirms H1. Technology 
Readiness had a positive impact on BI Capability 
(β = 0.287, SE = 0.06, CR = 5.71), which confirms 
H2. The positive relation between Leadership 
Support (β = 0.224, SE = 0.07, CR = 4.49) was also 
significant, which has been established in favor of 
H3. H4 was supported by the strongest effect dis-
played by Analytics Maturity (β = 0.367, SE = 0.04, 
CR = 7.98).

Table 2. Descriptive statistics and reliability analysis

Construct Mean Std. Dev. Cronbach’s α
Data Culture 3.69 0.67 0.881

Technology Readiness 3.52 0.64 0.875

Leadership Support 3.41 0.73 0.867

Analytics Maturity 3.65 0.81 0.884

BI Capability 3.87 0.58 0.901

Table 3. CFA results and validity metrics

Construct CR AVE Factor loadings (range)

Data Culture 0.87 0.62 0.65 – 0.83

Technology Readiness 0.85 0.60 0.67 – 0.81

Leadership Support 0.83 0.58 0.64 – 0.79

Analytics Maturity 0.89 0.67 0.70 – 0.85

BI Capability 0.91 0.66 0.71 – 0.86

Table 4. Correlation matrix (Pearson coefficients)

Variable 1 2 3 4 5

1. Data Culture 1

2. Technology Readiness 0.583** 1

3. Leadership Support 0.552** 0.567** 1

4. Analytics Maturity 0.625** 0.604** 0.590** 1

5. BI Capability 0.671** 0.641** 0.619** 0.703** 1

Table 5. Model fit indices

Fit index Value Threshold

CMIN/DF 2.344 < 3.0

RMSEA 0.045 < 0.08

CFI 0.948 > 0.90

TLI 0.939 > 0.90

GFI 0.927 > 0.90

Table 6. Structural model and hypothesis testing

Hypothesis Relationship β SE CR p-value Result

H1 Data Culture → BI Capability 0.321 0.05 6.42 <0.001 Supported

H2 Technology Readiness → BI Capability 0.287 0.06 5.71 <0.001 Supported

H3 Leadership Support → BI Capability 0.224 0.07 4.49 <0.001 Supported

H4 Analytics Maturity → BI Capability 0.367 0.04 7.98 <0.001 Supported
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4. DISCUSSION  

AND IMPLICATIONS

This paper has discussed the role of data culture, 
technology preparedness, leadership endorsement, 
and analytics maturity in Business Intelligence 
(BI) proficiency of marketing functions of firms in 
the Jordanian environment. The findings indicate 
that all the four antecedents are significant posi-
tive influences on BI capability, which implies that 
BI capability is not developed directly by tech-
nology, but by the combination of organizational, 
managerial, and analytical preparedness. This ob-
servation confirms that BI in marketing is to be 
conceived as an organizational ability, as opposed 
to being a technical system.

Maturity of analytics was the best predictor of BI 
capability. This finding indicates that companies 
are better placed to transform BI tools into insight-
ful marketing knowledge with well-organized an-
alytical routines, qualified human resources, and 
defined data interpretation and action processes. 
Practically, it seems that BI systems offer more 
value when the organizations are able to not only 
gather and graphically analyze the data, but also 
to utilize that data in making predictions, testing, 
segmentation and maximization of performance. 
The result is not surprising given the previous 
research that has established a positive relation-
ship between analytics maturity and the level of 
more sophisticated and strategically appropriate 
analytics output (Lismont et al., 2017; Cardoso & 
Su, 2022; Pour et al., 2023). The current paper is a 
continuation of this research line by demonstrat-
ing that analytics maturity in an emerging-market 
context is not merely conducive to BI capability 
but seems to be its most effective organizational 
base in the marketing sphere.

It is also demonstrated in its results that leadership 
support positively influences BI capability signifi-
cantly. It implies that the BI capability can be re-
inforced in the case when senior managers are 
proactive in approving the BI initiatives, resource 
allocation, informing about the strategic impor-
tance of analytics, and promoting the evidence-
based decision-making. In the case of Jordanian 
environment where strategic choices in most com-
panies are highly influenced by top management, 
leadership support can be particularly relevant 

towards justification of analytics-based practices 
and mitigating against change resistance. This ob-
servation coincides with the previous studies that 
highlighted that the top management support is 
paramount to the effective application and con-
tinued utilization of BI and similar digital sys-
tems (Almajali et al., 2016; Kongthanasuwan et al., 
2023; Trincanato & Vagnoni, 2024). Nevertheless, 
the existing results go further than mere valida-
tion in demonstrating that the role of leadership 
support extends beyond implementation success, 
and it actually leads to the development of mar-
keting-based BI capability per se.

Another significant result is that technology readi-
ness affects BI capability positively. This means 
that the companies that have an improved digital 
infrastructure, system integration and scalable 
platforms are more able to produce timely and 
reliable marketing intelligence. Technology pre-
paredness thus gives the operation base in which 
BI tools can operate using various data sources 
like CRM systems, online channels, and customer 
analytics services. This finding confirms earlier 
research that demonstrates that solid infrastruc-
ture is critical to support analytics, information 
integration, and responsiveness of an organization 
(Bao et al., 2023; Brewis et al., 2023; Qatawneh & 
Al-Okaily, 2024). 

In the meantime, technology readiness impact 
was not as important in this paper as it was in the 
case of analytics maturity. This analogy is impor-
tant because it implies that there is not enough in-
frastructure only; companies may possess enough 
systems and platforms yet may lack a good BI abil-
ity with analytical skills and organizational readi-
ness. This way, the results validate the fact that 
technology is a necessity yet, not an adequate de-
terminant of BI success.

The research also established that data-driven cul-
ture affects positively and significantly on BI ca-
pability. It implies that the companies whose staff 
members attach importance to evidence-based 
decision-making and regularly seek data and en-
courage critical thinking have higher chances of 
building more robust BI capacity in marketing. 
This effect, though, was statistically significant, 
but it was relatively small compared with the im-
pacts of analytics maturity, leadership support, 
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and technology readiness. A potential explanation 
is that the process of cultural change is prone to 
evolve over time and might take more time be-
fore its effect will be felt. At the companies of the 
emerging markets, the data-driven values may not 
be fully developed, and cultural change may be 
lagging investment in systems and tools. However, 
the importance of this connection validates the 
fact that culture continues to be a necessary facili-
tator of BI ability. This result aligns with the previ-
ous literature that highlights the role of organiza-
tional culture in supporting the use of analytics 
and digital transformation (Hmoud et al., 2023; 
Ghafoori et al., 2024; Chaudhuri et al., 2024). The 
current research provides a more subtle transition 
by demonstrating that culture is important, yet its 
impact might be more indirect or take longer to be 
realized when compared to more instantaneous 
operational facilitators like analytics maturity and 
managerial commitment.

All these findings combine to provide a significant 
meaning of BI capability development within the 
marketing functional aspect. The findings indi-
cate that companies do not develop BI capability 
merely because of buying BI software or updating 
digital infrastructure. Instead, BI capability is cre-
ated through a techno-ready state plus manage-
ment commitment, a techno-friendly data culture 
and above all, a well-developed analytics capabil-
ity. This combined explanation explains why so 
many BI investments do not pay off in delivering 
strategic value: organizations tend to concentrate 
on technical purchase but poorly invest in the or-
ganizational situation that enables BI outputs to 
impact marketing decision-making. The paper, 
in that regard, supports the thesis that actual val-
ue creation is not in data possession, but in how 
the firm can make decisions institutionalized by 
analytics.

Theoretically speaking, this research is useful to 
the BI and digital transformation literature in the 
following aspects. Firstly, it addresses the disconti-
nuity in the previous studies by examining the or-
ganizational, technological, managerial, and ana-
lytical enablers in a single integrated model as op-
posed to looking at them individually. Second, the 
results follow the rationale of the Resource-Based 
View in that both tangible, e.g. technology basis, 
and intangible, e.g. culture and leadership support, 

work together in developing BI capability as a stra-
tegic organizational resource. Third, the findings 
are also aligned with the Dynamic Capabilities 
Theory, as it seems that the BI capability can be 
based on how the firm is able to integrate, reorga-
nize, and deploy company resources in reaction to 
a shifting digital marketing landscape. Lastly, the 
study offers context-specific evidence of Jordan, 
which is still underrepresented in the BI research, 
and thus enhances the knowledge on BI capability 
building in emerging markets.

The implications to the manager are also cru-
cial. To companies with interest in improving BI 
strength in marketing, the results imply that em-
phasis should be made on building analytics ma-
turity approach via systematic analytical opera-
tions, training, trial and error, and performance 
appraisal regimes. It is also the responsibility of 
organizations to make sure that BI initiatives have 
the visible support by the top management in terms 
of funding, strategic alignment, and frequent 
use of analytics in the decision-making forums. 
Moreover, further investment in scalable and in-
tegrated digital infrastructure is still required, al-
though this investment should be coupled with 
an attempt to develop a more general data-driven 
culture within the department. Managers are ad-
vised to therefore consider and treat the BI capa-
bility development as a cross-functional transfor-
mation program and not an individual IT project.

With these contributions, the study is limited in a 
few ways. First, the cross-sectional study cannot 
provide causal inferences, and future longitudi-
nal research would provide more evidence on the 
development of BI capability. Secondly, common 
method bias may be high due to the use of self-
reported survey data. The objective performance 
measures or the data on system-use could be in-
troduced into the future research. Thirdly, the 
research is only based on direct effects. Future 
research can focus on mediating or modulating 
factors, including the quality of data governance, 
quality of decision, or organizational agility. Lastly, 
since companies across industries might not be 
equally digital and in their marketing activities, 
future studies may compare industries in order 
to establish whether the magnitude of such asso-
ciation differs across industries as retail, banking, 
manufacturing, or services.
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CONCLUSION

This study was meant to investigate the role played by organizational and technological conditions to 
support the development of Business Intelligence (BI) capability in marketing functions in a developing 
market environment. The empirical study proved that the role of analytics maturity, leadership support, 
technological readiness, and data-driven culture is significant, although the role of analytics maturity is 
the most influential. These findings suggest that BI proficiency in marketing is essentially an organiza-
tional capability, and not an entirely technological achievement. The adequate usage of BI involves the 
utilization of formal analytical routines, managerial commitment, and desirable organizational culture, 
which will enable conversion of data to marketable information. Companies that would wish to exploit 
most of the marketing intelligence should therefore initiate equal investments in analytics capacity, 
leadership engagement, and technological integrations rather than merely placing additional focus on 
system acquisitions. Subsequent research can encapsulate the existing research as an expression of lon-
gitudinal designs, which follow the development of BI capabilities over a specified period and involves 
objective performance measures to get rid of the reliance of perceptual data. Moreover, the future stud-
ies can focus on the mediating or moderating processes, industry-specific variables, and on the influ-
ence of the new technologies like artificial intelligence on the formation of BI potential.
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