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Abstract

The study aims to synthesize the challenges that retailers are facing during the 
COVID-19 emergency. The research is definitive, informative, and based on a single 
design of cross-sectional research. Quantitative data based on the research instrument 
were produced (a questionnaire). Five hundred responses were collected from employ-
ees of major retail stores in India. Retailer performance is considered a dependent vari-
able, whereas employee well-being, customer and brand protection, use of technology, 
government policies, and supply chain are used as independent variables. The current 
study results indicated that employee well-being and government policies have a sig-
nificant positive impact on retailer performance, while customer and brand protection, 
use of technology, and supply chain have a significant positive impact on retailers’ per-
formance. This study will help retailers develop strategies for their employees to protect 
them and understand that technology is needed in the new normal times. This study 
highlights the need to be flexible in executing strategic strategies, but retailers need to 
develop comprehensive action plans, including selecting managers of initiative and 
defining goals and deadlines. Provided that retailers’ current reality is different from 
the old normal, no time is lost in taking audacious action. 
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INTRODUCTION

The retail market of India has over 15 million retailers, both small and 
large, both conventional and new. Retail hires between 40 and 50 mil-
lion Indians, with more than six million Indians directly employed 
through international commerce, contributing almost 12 percent of 
the country’s overall retail consumption. Retail improves roughly. 
The shutdown to deter the spread of coronavirus in India affected re-
tail businesses significantly – 40% of the Indian intake and 10% of 
the Indian GDP. Most of the stores were shut throughout the coun-
try, except stores selling essential food and medicine. Almost all shops 
have closed down clothes, saris, electronics, cell phones, furnishings, 
equipment, etc. The revenue decline of non-grocery/food stores is 80 
to 100%. However, distributors selling essential goods face risks if they 
cannot market non-essential goods, meaning that they have better 
profits. During the pandemic during an economic recession, Indian 
retailers, especially non-essential products such as clothing and jewel-
ry, were affected (income hit by 75% by the end of March 1). With most 
national officials halting their operations, many shops are either com-
pletely closed or still operating grocery stores. India’s 40%-contribut-
ed retail sector was affected by COVID-19 in the amount of $30 billion 
over two weeks ended on April 1, 2020, as given by the CAIT. The 
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company had declined by the end of February 2020 to 20-25%, according to the Retailers Association of 
India (RAI). It has now decreased to 15 percent over the last month and a half.

Indian retailers will need to develop strategies to reduce the disturbance caused by the COVID-19 crisis, 
‘next’ and ‘done.’ Retailers will urgently focus on managing vital market practices and retaining respect 
inspired the large workforce. When retailers are adapting to the fluidity of “here,” they need to create 

“next” resilience as the competition starts to recover and “believe”. They should simultaneously plan 
for long-term impacts on a strategic journey towards financial resilience. No one will, with certainty, 
estimate the financial effect of this situation on the market with the constantly changing COVID-19 
pandemic. The actual effect and recovery will depend on the recession time and the level of behavior. 
Nonetheless, it will check both distributors and those who can respond financially stable, flexible, and 
responsive employees. 

The COVID-19 pandemic (started in early 2020) triggers many short- and mid-term disruptions for 
companies to adapt. Some retailers responded to the emergency immediately, displaying a variety of 
different forms of action. The article aims to understand the reaction of the workers to COVID-19 in 
the retail sector. The retail sector has taken measures to protect the health of workers. The retail sector 
aims to adapt to technological developments to make it easier for both staff and consumers. The retail 
industry follows government guidelines. The study found that employee well-being and government 
policies significantly and positively impact retailer performance, while customer and brand protection, 
use of technology, and supply chain have a significant positive impact on retailer performance. This 
review identified a need to be agile in implementing strategic initiatives, but retailers need to develop 
detailed action plans, including selecting initiative managers and the specification of targets and dead-
lines. Given that the new reality of retailers is different from the old standard, no time is wasted in tak-
ing bold action.

1. LITERATURE REVIEW  

AND HYPOTHESES

In the hope of minimizing deaths in various ways 
but with significant adverse effects for national 
economies, industries, and individual workers, 
India had locked-up wide segments of its markets. 
Estimates of economic effects are early in many 
countries, but some developing markets are con-
sidered significant and even catastrophic (Evans, 
2020). The Chinese economy is expected to have 
reached 3.2 percent in 2020 (Fernandes, 2020), a 
couple of months or so more than other nations. 
For the US, GDP growth will decrease in the 
course of its 1.5-month containment strategy by 
2.9 percent in 2020 (Fernandes, 2020; Makridis & 
Hartley, 2020). Fernandes (2020) is projected that 
in the case of a moderate lockout (1.5 months), 
GDP growth in most countries will decline by 
between three and five percent by 2020. An addi-
tional two to 2.5% of global GDP growth occurs 
each month of the shutdown. The retail, hospital-
ity, and touristic sectors will be especially affected 
(Dolnicar & Zare, 2020) and the hospitality and 

tourism industries (Fernandes, 2020). More jobs 
at risk will impact more service-driven markets 
(Fernandes, 2020). China suggests that the “return 
to normality” will be followed by a rapid uptick in 
demand due to market demands, but the turna-
round can be confined to a very short-term effect 
(Deng et al., 2020) restoring the usual rate of psy-
chological anticipation in retail environments.

Nevertheless, the COVID-19 pandemic is global, 
and since World War II, the democracy of people 
has not been subject to such drastic restrictions 
as those imposed by previous democratization 
regimes, adopted by certain countries (e.g., Italy) 
full shutdown tactics. In contrast, others restricted 
the number and activities of companies and utili-
ties (e.g., UK), while others implemented security 
measures that substantially restrict citizens’ right 
to leave home. Such initiatives seriously affected 
the daily lives of customers and businesses; re-
duced tourism led to emergency buying situations 
(EPS) (Somason & Voyer, 2014) and posed unpar-
alleled retail management challenges. Consumers 
naturally go shopping differently due to extraor-
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dinary controls. The “scarcity effect” (Hamilton et 
al., 2019) has had a dramatic impact on-demand 
elasticity and storage practices, whereas conven-
tional dissuasions such as “waiting times and per-
ceived crowding are now accepted”, as evidenced 
by long queues entering shops. Many supermarket 
retailers distribute food availability messages and 
restrict the number of products to purchase per 
customer, introduce new forms of online services 
and home delivery, but often with unsatisfactory 
results for customer well-being. 

The latest research has substantially affected cus-
tomer preference due to the perceived lack of goods 
(Hamilton et al., 2019). While the literature accepts 
that scarcity increases the usefulness of the inaccessi-
ble good (Verhallen & Robben, 1994), the shortage of 
capital leads either to a relative increase in the worth 
of the scarce goods or to a decrease in the quality of 
the purchasing sense (Shah et al., 2015). However, the 
continued loss of brands (because of inventory out-
ages) and shops (because they shut down) could exac-
erbate customer habits, ultimately impacting the op-
tion of commodity shares long after shops return to 
normal. Panic has also increased the price response 
of customers. Several determinants of the demand 
elasticity of goods have been extensively studied in 
previous literature (Huang et al., 2017; Wakefield & 
Inman, 2003). The lengthy waiting times in an emer-
gency are not expected to have a negative effect on 
customer loyalty with the shops. Nevertheless, it is 
not clear whether the consequences of condition var-
iables remain over time. For example, customer sat-
isfaction with the time spent waiting comes from the 
contrast with the length of the queue (Kumar, 2005). 

The reduced efficiency of the facilities, combined 
with higher safety issues for customers, has result-
ed in a growing need for alternate supply sources. 
Unforeseen laws that enforce social isolation have 
a huge effect on the preferred shopping platform 
of consumers. Specifically, although there has been 
steady but limited growth in online shopping in the 
last decade (Harris et al., 2017), the COVID-19 emer-
gency has seen online foods grow. For, e.g., retailers 
like Ocado (UK) and Carrefour (France) have been 
compelled to allow online queues or use the platforms 
digitally to meet unsustainable demand (Mintel, 
2020). Social isolation is a social exclusion process 
that adversely affects consumers’ health (Dennis et 
al., 2015; Papagiannidis et al., 2017). Concerns about 

the effects of COVID-19 on, for example, anxiety, 
stress, and depression (Holmes et al., 2020), but at 
least partly online shopping could reduce the nega-
tive influence of social isolation (Dennis et al., 2015; 
Papagiannidis et al., 2017). Besides, counter-meas-
ures between retailers and policymakers that con-
tribute to greater adoption of biometric authentica-
tion (e.g., body scan, facial recognition, GPS tracking, 
etc.), which may also impact expectations of privacy 
over time. Biometrics are used and divulged to in-
duce users to fret about their safety, though with cul-
tural variations (Miltgen et al., 2016; Carpenter et al., 
2016). 

Some stores like Ted Baker (UK) have received 
support alerts, either to remind buyers that they 
are sending them home notifications and pass-
words or to temporarily close all shops (limiting 
internet purchases only) while allowing shop-
pers to be healthier and healthier, such as Louis 
Vuitton, Paul Smith, and Mulberry. The altera-
tion in buying patterns triggered by an incident is 
one of the most affected by luxury retailers (Tsai, 
2006). Others have introduced new behaviors that 
wish to be especially socially involved in this de-
velopment and have specifically indicated they 
matter about society (Janssen et al., 2017). For in-
stance, Ralph Lauren donated 10 million dollars 
to the World Health Organization, and other lux-
ury stores such as Armani and Ferragamo donat-
ed to Italian hospitals and charities. Bulgari has 
switched their manufacturing to hand sanitiz-
ers, while Ferrari and Dyson have manufactured 
fans and other instruments for hospital patients 
and have even reconfigured their factories to pro-
duce medicinal clothing. Although prior research 
has emphasized how to prioritize the adoption of 
modern in-store technology to enhance the cus-
tomer’s experience (Pizzi et al., 2019; Vannucci & 
Pantano, 2019), retailers are working on enhanc-
ing online offerings and home delivery.

To cope with the demand and pressure from the 
COVID-19 emergency, it is recommended that re-
tailers concentrate on the following key areas: new 
competitive capability needs to be “built to meet 
the changing demands of customers and pres-
sures on the governments to handle businesses” 
(Schriber & Lowstedt, 2019). An agile approach to 
shifts in demand and vendor responses (Sjodin et al., 
2020; Gordon et al., 2020) may minimize the lead-
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time. This requires retailers to understand how they 
interact with their partners (i.e., consumers, suppli-
ers, staff, etc.). This would reduce reaction times and 
streamline processes. More coordination with stake-
holders is required to make them feel part of the pro-
cess rather than just vendors or end consumers (e.g., 
demanding input during operation).

These universal values and the shared intention 
of being able to bring customers benefit imply 
heterogeneous retail practices. However, per-
haps to prevent being viewed as alien or dis-
connected from reality (Tsai, 2006), others have 
introduced new behaviors that wish to be espe-
cially socially involved in this development and 
have specifically indicated they matter about so-
ciety as Janssen et al. (2017) have anticipated. In 
a previous study, the launch of new in-storage 
technology to improve customers’ experience 
(Pizzi et al., 2019; Vannucci & Pantano, 2019) 
stressed how to gain value. However, retailers’ 
eeforts are heading towards enhancing online 
shopping and distribution at homeland.

The study aims to understand the employee’s 
response to COVID-19 in the retail sector. The 
retail industry has been taking measures to pro-
tect the employees’ health. The retail industry 
is trying to adapt to technological changes to 
make things easier for the employees and the 
customers. The retail industry is following gov-
ernment guidelines. The following hypotheses 
were formulated for a more in-depth and thor-
ough study of the set goals:

H
0a

: There is no significant difference between 
employee well-being and retailer perfor-
mance during the COVID-19 pandemic.

H
0b

: There is no significant difference between 
customer and brand protection and retail-
er’s performance during the COVID-19 
pandemic.

H
0c

: There is no significant difference between the 
use of technology and retailer performance 
during the COVID-19 pandemic. 

H
0d

: There is no significant difference between the 
government’s guidelines and retailer perfor-
mance during the COVID-19 pandemic. 

H
0e

: There is no significant difference between 
supply chain and retailer performance dur-
ing the COVID-19 pandemic. 

2. METHODS

The data are collected from 500 employees of the 
organized retail sector in India. The data are col-
lected from the employees of Spencer, Big Bazaar, 
Future group, and Reliance Retail. A questionnaire 
was used for data collection. The Likert scale of five 
points, which ranges from strongly agreed to disa-
gree, measured two major proportions, including 
the impact of COVID-19 on the retail sector and em-
ployees of the retail sector. Each variable had a cer-
tain set of questions. The paper aims to know wheth-
er there is a significant difference between the impact 
of COVID-19 and the retail industry of India. SPSS 
version 23 was used for the data processing, and all 
experiments were performed in a 5 percent sense 
standard. Descriptive figures identified the key de-
mographic characteristics of the survey.

There have been 500 absolute and open responses 
collected from various regions in India. The above 
table shows that the male respondents were higher 
than the females. The majority of the customers were 
in the age group of 20-30 years old. The respondents 
were senior secondary graduates. The employees had 
5-10 years of association with the particular store. 

Table 1. Demographics of respondents

Variable
Total 

responses
Percentage

Gender

Male 261 52.20

Female 239 47.80

Age

20-30 220 44.00

30-40 178 35.60

40-50 102 20.40

Education
Senior secondary 195 39.00

Diploma 173 34.60

Graduate 122 24.40

Postgraduate 10 2.00

Years of association
0-5 years 193 38.60

5-10 years 256 51.20

More than 10 years 51 10.20
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3. RESULTS

3.1. Kaiser-Meyer-Olkin (KMO) 

The KMO method is used to check the suitability 
of the sampling for the EFA (Barrett et al., 2011). 
The KMO value for sampling adequacy is expect-
ed to be greater than 0.50 as per Ferry and Leech 
(2005). The KMO value is 0.674, according to Table 
1. Therefore, the sample size of this study is ade-
quate to perform both the EFA and other tests. To 
check the relation between the variables (Tobias & 
Carlson, 1969), Bartlett’s test of sphericity is also 
applied. Bartlett’s test of sphericity should be rele-
vant (p < 0.001), according to Tobias and Carlson 
(1969). Table 1 reveals that the value after Bartlett’s 
test of sphericity is 0.000.

Table 2. KMO and Bartlett’s test

KMO and Bartlett’s test
Kaiser-Meyer-Olkin measure of sampling adequacy .674

Bartlett’s test of sphericity
Approx. Chi-squared 9511.704

df 666

Sig. .000

3.2. Total variance explained

As shown in Table 3, the six constructed factors 
explained 78.483 of the total variances. The six 
factors explain about 51.454% of the variance. 
The second factor explains about 63.464, third 
factor explains about 68.717, fourth and fifth fac-
tors represent 72.653 and 3.980%, respectively, 
and the last factor explains about 78.483. Table 
3 also shows that the total variance explained 
(TVE), and it can be observed that the eigenvalue 
for the first factor is good, i.e., 11.145, and the cu-
mulative total variance explained for all the var-
iables was 78.483. 

3.3. Exploratory Factor Analysis

Factor analysis is the main focus of data reduction 
and definition analysis. This mathematical method 
helps to reduce the number of correlated variables 
independently. The relationship between many dif-
ferent variables can be analyzed using a set of un-
derlying dimensions known as factors or parame-
ters. Exploratory Factor Analysis (EFA) was used 
to incorporate less of the variables or factors of the 
original variables to improve the definition.

Table 4. Exploratory Factor Analysis

No. Items Extraction

1
Planning long term optimization in payroll-
related expenses (such as bonus, increment)

.662

2

Planning ways to attract talent through 
innovative HR policies when demand picks 
up in case layoffs have taken place

.539

3

Planning for implementation of permanent 
health and safety measures in stores to 

reinforce customer trust

.626

4
Identifying and preparing for demand 
tailwinds like Diwali and marriage season

.697

5

Long-term modernization of essential 
technology infrastructure to ensure 

continuity of business
.626

6

Improving digital protection and mitigating 
the possibility of data theft, disinformation, 
and malware

.544

7
Seeking continued government support 
through industry representation .790

8

Managing supply chain disruption of 
essentials (grocery, packed foods, home 
care) due to production shutdown, 
restriction on truck movement while 
meeting unprecedented spike in demand

.537

9

Store closures and a significant drop 
in demand for non-essentials (apparel, 
lifestyle) leading to inventory pile-up of the 

current season and expected arrival of next 

season stock

.686

As shown in Table 4, nine items test different 
structures under analysis. 

Table 3. Total variance explained

Component

Initial eigenvalues Extraction sums of squared 
loadings

Rotation sums of squared 
loadings

Total
% of 

variance
Cumulative 

%
Total

% of 

variance
Cumulative 

%
Total

% of 

variance
Cumulative 

%

1 19.038 51.454 51.454 19.038 51.454 51.454 11.145 30.121 30.121

2 4.444 12.01 63.464 4.444 12.01 63.464 6.461 17.463 47.584

3 1.943 5.253 68.717 1.943 5.253 68.717 3.629 9.807 57.391

4 1.456 3.936 72.653 1.456 3.936 72.653 2.834 7.66 65.051

5 1.119 3.026 75.678 1.119 3.026 75.678 2.677 7.234 72.284

6 1.038 2.805 78.483 1.038 2.805 78.483 2.294 6.199 78.483



134

Innovative Marketing, Volume 16, Issue 4, 2020

http://dx.doi.org/10.21511/im.16(4).2020.11

3.4. Reliability analysis

Nunnally (1967) describes the measures as pre-
cision, while the explanation for the mistake is 
some influence differentiating between meas-
urement situations. Reliability means how a sys-
tem achieves comparable outcomes continuously. 
Based on the total reliability considered for each 
element (Hogan, Benjamin, & Brezinski, 2000), 
Cronbach’s alpha is a typical reliability metric. A 
wide-scale indicates the value of Cronbach’s alpha 
greater than 0.7 (Hair et al., 2010). The Cronbach’s 
alpha value surpassed the amount agreed for every 
structure, as seen in Table 5.

Table 5. Cronbach’s alpha

Construct
Cronbach’s 

alpha

Overall Cronbach’s 
alpha

Employee well-being .876

.763

Customer and brand 

protection .743

Use of technology .701

Government policies .839

Supply chain .700

The validity of a system testing what is predicted 
is stated. An integration and exclusion will de-
termine the utility of the procedure. Inter – item 
analysis of correlation follows convergent validi-
ty. As previous researchers suggested, the correla-
tion values between the sample areas were 0.6 to 
0.9 (Kalafatis, 2004). Psychometric scale tests thus 
ensured the intensity and reliability of the unit. 
The results show that Cronbach’s alpha is the most 
reliable factor. The value is generally shown to be 
0.6-0.8 highly reliable.

3.5. Confirmatory Factor Analysis 

Variables are incorporated into EFA variables, re-
search being confined to factor loads, cross loads, 
and independence section. Lee et al. (2008) rec-
ommended that a Confirmatory Factor Analysis 
be carried out to resolve this cap set in EFA, which 
contains all variables in the CFA model after the 
Exploratory Factor Analysis and reliability evalua-
tion. CFA is a study of factors that measures a direct 
correlation between latent variables underlying da-
ta and the structural hypothesis (Field, 2009). The 
CFA is a hypothesis-based technique in which the 

hypothesis establishes a relationship between the 
unknown and measurable variables. A theory is 
verified or denied by CFA. Following the covari-
ance observed, the proposed model is used for es-
timating population covariance. The model is used 
to approximate covariations and interrelationships 
between latent houses. CFA is a valuable method for 
evaluating abstract logic (Reise et al., 1995).

Table 6. CFA results

Fit index
Recommended 

value Value

Chi-squared/df < 3.0 1.19

GFI > .80 1.20

AGFI > .80 .901

RMSEA < .07 .001

CFI > .80 2.91

RMR < .01 .000

3.6. Hypotheses testing results

Regression was used to test the relationship be-
tween different constructs of the proposed mod-
el. In regression, the maximum likelihood meth-
od was used for testing the hypotheses. The study 
has used regression to test the causal relationship 
between the COVID-19 pandemic and retailer 
performance.

The findings in Table 7 show that three signif-
icant hypotheses and two non-significant hy-
potheses are supported. H

0a
 shows a direct im-

pact of employee well-being on retailer perfor-
mance (β = 0.456, p = .000). β = 456 indicates 
that employee well-being affects the dependent 
variable retailer performance by about 45 per-
cent. Therefore, a 1 percent increase in employ-
ee well-being will result in a 45 percent im-
provement in retailer performance. The p-value 
(p = 0.000) reveals the positive and direct rela-
tionship between employee well-being and re-
tailer performance. Table 7 shows the regression 
analysis result used to determine the impact of 
customer and brand protection and retailers’ 
performance during the COVID-19 pandemic. 
The result shows the impact is positive (coeffi-
cient = 0.041). Further, this impact is statistical-
ly significant. Therefore, H

0b
 is not acceptable.
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The regression analysis outcome was used to clas-
sify the impact of the use of technology and retail-
ers’ performance during the COVID-19 pandemic. 
The result shows the impact is positive (coefficient 
= 0.008). Further, this impact is statistically signifi-
cant. Therefore, H

0c
 is not acceptable. The result also 

shows that there is no significant difference between 
government policies and retailers’ performance. The 
result shows a positive impact. Hence H

0d
 is accept-

able. The table shows a significant difference be-
tween supply chain and retailers’ performance dur-
ing the COVID-19 pandemic. The result shows that 
the impact was positive. H

0e
 is not acceptable.

4. DISCUSSION

More than 15 million retailers in the Indian retail 
industry are small and large, traditional and new. 
Retail directly employs 40-50 million Indians, of 
whom modern trade employees more than 6 mil-
lion Indians, equivalent to approximately 12% of 
the country’s overall retail intake. Retail leads to 
approximately 40% of India’s production and 10% 
of India’s GDP.

Retail business has been greatly affected by the 
lockdown to limit the risk of COVID-19 in the 
region. Most supermarkets have been shut down 
throughout the country, except for stores sell-
ing vital food and groceries, clothing (including 
saris), electronics, cell phones, furniture, appli-
ances, etc. Virtually all shops are closed. Non-
grocery/food retailers are announcing revenue 
declines of 80 to 100 percent. Also, retailers with 
essential goods face losses because they cannot 
sell non-essential products, which would give 
them greater profits.

Around 85% of retail costs are fixed costs, which 
brings retailers under a range of financial stress-
es. The business faces significant funding prob-
lems that can lead to unemployment on a large 
scale. The industry’s revenue stream has come 
to a halt, whereas the fixed operating expens-
es stay unchanged. The Retailers Association 
of India, concerned with the state of affairs, 
surveyed retailers (including groups and non-
groups) to determine their views on the effect 
of COVID-19 on their company and workforce. 

Figure 1. Regression model

P=0.931

Employee well-being

Customer and brand 
protection 

Government policies

Use of technology 

Supply chain

Retailers’ 
performance

P= .000

P= 0.318 

P= 0.985

P= 0.032

Table 7. Regression analysis

No. Independent variable Dependent variable Coefficient Sig. Result

1 Employee well-being

Retailer
performance during 

COVID 19

0.456 0.000 Sig.

2 Customer and brand protection 0.041 0.318 Insig.

3 Use of technology 0.008 0.985 Insig.

4 Government policies 0.872 0.032 Sig.

5 Supply chain 0.002 0.931 Insig.
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CONCLUSION

The key point of the crises mentioned above is that the recession had the most retail-oriented effects cus-
tomer spending habits are expected to be irreversible. A long recession has a heavy effect on the buying 
behavior of customers. It takes much time for customers to stop purchasing, sales, and rehabilitation. 
That means retailers need to recognize that all of these habits are irreversible and must plan for a signif-
icant shift in their business model. Furthermore, the shift in behavior becomes less lasting as problems 
are handled easily, and customers can only re-start when they have to go shopping. Both food and drink 
have seen steady recovery at the end of the depression. However, rebound for discretionary categories 
such as clothes took time after the recession. In India, the authors expect that similar trends of recovery 
will emerge depending on the time of the crisis. Since COVID-19 has a medium-term effect on custom-
er investment and will increase online spending, relevant, inexpensive categories and greater online 
penetration are expected to rebound more rapidly. The current study found that employee well-being 
and government policies have a significant positive impact on retailer performance. In contrast, cus-
tomer and brand protection, use of technology, and supply chain have a significant positive on retailer 
performance.

In the present scenario, unorganized supermarket and district Kirana appear to be the winners. This 
paves the way for shops to be found in the future and further. Digital shopping continues to expand. In 
several markets, the recession leads to restructuring, and the retail sector will have an equal share of 
the effect (this time will be difficult to endure for smaller consolidated or financially constrained retail-
ers) with few large retailers with a distinct premium plan. Retailers are compelled to worry about what 
they’re all like when they enter places where they never went to float before during the ongoing recession. 
Some of these peripheries can continue to become their core.

Retailers are compelled to worry about what they are all like when they enter places where they never 
went to float before during the ongoing recession. Some of these peripheries can continue to become 
their core. Following demonetization, COVID-19 is a further catalyst for India’s digital payments, with 
the public refusing cash transactions out of fear or comfort. In general, this should remind organiza-
tions that such an unforeseen event will occur anywhere and may involve strategic preparation if firms 
want to continue to help their clients through a period of interruption.
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